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Abstract

General support for climate action is widely expressed within academia
and public research, with surveys consistently reporting exceptionally high
levels of awareness and concern about the climate crisis. Yet, the implemen-
tation of mitigation policies in universities and research institutions remains
limited.

Drawing on a national survey of 4,688 academics and research personnel
in France, we examine this apparent paradox and find that more than half
express attitudinal barriers to climate action, including reluctance toward
the inclusion of academia in mitigation efforts, opposition to institutional
mitigation policies, and inconsistencies between stated support for mitiga-
tion and willingness to adopt corresponding changes in individual research
practices.

Higher perceived costs of academic mitigation actions—particularly their
potential impacts on competitiveness and scientific visibility—are consis-
tently associated with these barriers, along with lower agreement with de-
growth as a response to environmental challenges. Such barriers are also
more prevalent among senior male scientists with higher levels of mobility,
particularly in physics, chemistry, and medical and health sciences.

Academia provides a critical context to examine how climate inaction
can persist in the near absence of climate denial. Our findings suggest that
moving from stated commitments to effective action requires addressing how
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climate policies interact with academic hierarchies and dominant models of
productivity and recognition—an issue with direct implications for the design
of mitigation policies within research institutions.

Keywords: Academic carbon footprint, Global Warming, Ecological
transition, Climate delay discourses
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1. Introduction

Calls for academia to align its practices with climate goals—or even to
lead by example—have intensified over the past decade (1; 2; 3; 4; 5). In
response to these calls, scientists and academics have started to assess the
weight and distribution of the carbon footprint of scientific activities (6; 7;
8) and to conduct quantitative and qualitative surveys to understand their
determinants (9; 10; 11; 12).

In countries with a relatively decarbonized electricity mix, studies show
that routine research emissions are primarily driven by scope 3 GHG sources
such as the purchase of equipment, materials, and services required for sci-
entific activity (6; 13; 14; 15)—followed by air travel for international confer-
ences, collaboration, and fieldwork (16). Large research infrastructures have
been shown to generate emissions that can far exceed routine operations
(17; 18; 19; 20; 15).

Awareness of the gravity of the climate crisis is far more pronounced
within academia than in most other sectors. Cross-national surveys consis-
tently show near-universal recognition of climate change among academics
(above 95%) and very high levels of concern (80-95%) (21; 10; 11). These
findings are corroborated by several smaller-scale surveys focused on spe-
cific disciplines or institutions (1; 22). Qualitative studies further highlight
tensions between decarbonization and institutional pressures such as inter-
nationalization, competition, and resource allocation (23; 24; 3; 25; 26; 27;
12; 28).

Although the carbon footprint of knowledge production is increasingly
acknowledged—and key levers of decarbonization have been identified (29;
7)—climate action in academia remains limited in scope. Institutions rarely
adopt binding mitigation policies (22; 30; 29; 31), and most responses rely on
symbolic gestures such as net-zero pledges, charters, or awareness campaigns
with limited regulatory impact (32).

In France, similar dynamics are observed. The carbon cost of research has
become a national issue across institutions and laboratories (6; 33; 34; 35),
and nearly half of research units have assessed their emissions (8). Yet few
institutions have implemented ambitious mitigation policies, and most efforts
remain largely declarative. This continued reliance on awareness and infor-
mational strategies echoes the communicative approaches historically used
to counter climate change denial, suggesting that academic climate inaction
is addressed through the same tools once mobilized against denial (32).
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Climate change denial—understood as the negation or rejection of the
scientific consensus on the existence, causes, or consequences of climate
change—has long delayed mitigation efforts (36). Coordinated campaigns
have aimed to erode public trust in climate science by manufacturing uncer-
tainty and controversy (37; 38), and by discrediting scientists and institutions
(39). This strategy is often described as “evidence skepticism” and “process
skepticism” (40), or more broadly as "epistemic denial" (41).

However, epistemic denial alone cannot explain the persistence of climate
inaction in society. Recent research has turned to more diffuse mechanisms
of inaction: "response skepticism" (42), "discourses of delay" (43), and "ter-
tiary obstruction" (44; 45) describe strategies that downplay the legitimacy
or urgency of climate policies, emphasize their perceived side effects, or de-
fend unsustainable infrastructures and practices—even among individuals or
institutions that recognize the reality of climate change and the need for mit-
igation. Arguments for opposing climate action include—but are not limited
to—the consideration of economic costs, policy ineffectiveness, and the re-
duction of personal freedom (39; 46). These interlinked forms of obstruction
often replace action with prolonged debate and hesitation, even as the con-
sequences of climate change become more acute (47; 48).

In this article, we examine whether these secondary forms of obstruction
are also present within academia. To do so, we analyze attitudes and be-
havioral intentions related to climate action among academic and research
personnel. Academia provides a particularly informative context, not only
because overt climate denial is rare, but also because its members contribute
directly to the production of climate knowledge (49). The persistence of lim-
ited engagement with climate mitigation in such a context is therefore both
paradoxical and analytically significant.

We conceptualize attitudinal patterns of climate inaction along four com-
plementary dimensions: (1) climate change denial, capturing the epistemic
rejection of climate science; (2) reluctance toward academic climate change
mitigation, defined as the expression of general opposition to the inclusion of
academia in climate change mitigation efforts; (3) opposition to institutional
climate mitigation policies, capturing the refusal of a set of proposed climate
change mitigation policies within academia; and (4) institutional-individual
inconsistency, reflecting discrepancies between stated support for institu-
tional commitments and the refusal to adopt corresponding individual-level
behavioral changes.

These dimensions capture distinct forms of limited support for climate



113

114

115

116

117

118

119

120

121

122

123

124

125

126

127

128

129

131

132

133

134

135

136

137

138

139

140

141

142

143

144

145

146

147

Attitudinal barriers to climate mitigation in academia 5

action, from general reservations to opposition to policies and individual
changes. Using a national survey of 4,688 academics and research person-
nel in France, we examine how these barriers relate to perceived mitigation
costs, environmental attitudes—particularly toward degrowth—and profes-
sional characteristics. Although climate awareness is widespread, support
declines when mitigation challenges academic norms, highlighting the need
to align climate policies with institutional incentives and career structures.

2. Materials and Methods

2.1. Study design and population

We analyze data from the national survey “Academic and Research Per-
sonnel in the Face of Climate Change” conducted in France in 2020 (targeting
practices in 2019, pre-COVID). The survey was administered to a random
sample of 30,000 individuals drawn from the CNRS Labintel directory, cover-
ing universities and public research institutions organized in mixed research
units (UMR). A total of 6,724 responses were collected (20% response rate).
After data cleaning, the final dataset includes 6,468 individuals. Detailed
information, including survey bias is provided in the Supplement (see Ap-
pendix A section S2 and S3). The main analysis focuses on 4,688 permanent
academic and research staff, as key questions were specifically designed for
this group. Respondents include researchers, faculty, engineers, technicians,
and administrative personnel across disciplines. Missing responses (including
“no opinion” and “not concerned”) are treated as informative categories.

2.2. Outcome variables: attitudinal barriers

We construct four complementary indicators of attitudinal barriers to cli-
mate action. Detailed information is provided in the Supplement. Climate
Change Denial is a binary variable identifying respondents who reject either
the existence of climate change or its anthropogenic origin. Reluctance toward
Academic Climate Mitigation is a binary variable that captures opposition
to the inclusion of academia in mitigation efforts, based on disagreement
with the need for changes in research practices or support for exempting
research from emission reduction targets. Opposition to Institutional Miti-
gation Policies is a count variable (0-10) measuring the number of proposed
institutional actions that respondents refuse. These actions include, among
others, limiting flights, subsidizing train travel, reducing conference weight
in evaluations, and integrating greenhouse gas (GHG) emissions into funding
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criteria. Institutional-Individual Inconsistency is an ordinal variable (0-2)
capturing discrepancies between support for institutional policies and will-
ingness to adopt corresponding individual changes (e.g., reducing flights, IT
equipment use, or energy-intensive research practices). Higher values indicate
stronger inconsistency. (see construction details in Appendix A, section S4).

2.3. Explanatory variables

We consider socio-demographic and professional characteristics, includ-
ing age, gender, discipline, and career stage. Academic visibility is proxied
by the number of international conferences attended, publication rate, and
h-index. We also include two variables capturing perceived trade-offs asso-
ciated with mitigation: Perceived Costs of Air Travel Reduction and Per-
cetwed Costs of Equipment Reduction, defined as the number of domains in
which respondents anticipate negative consequences (e.g., scientific quality,
funding access, collaboration, or career progression). Finally, two attitudi-
nal variables are included: Technological Optimism (belief that technological
progress can solve environmental problems) and Degrowth (agreement that
reducing economic activity is necessary to address environmental challenges).
Detailed information is provided in Appendix A, section S5)

2.4. Statistical analysis

We adopt a nested analytical framework to examine successive layers of
attitudinal barriers. Specifically, we model: (1) denial in the full sample; (2)
reluctance among non-deniers; (3) opposition among non-deniers who are not
reluctant; and (4) inconsistency among respondents who support all institu-
tional actions. This approach allows us to identify where support for climate
action erodes without assuming causal ordering. We use logistic regression
for binary outcomes (denial, reluctance), negative binomial regression for
opposition (count), and proportional odds models for inconsistency (ordi-
nal). Multivariate models include all explanatory variables, with variance
inflation factors used to assess multicollinearity. Missing data are handled
using a mixed approach: variables with more than 10% missing values in-
clude a dedicated “missing” category, while others are imputed using multiple
imputation by chained equations (10 datasets). Outcome variables are not
imputed. Sensitivity analyzes (alternative imputations, non-nested models,
and alternative specifications) yield consistent results. All analyzes are con-
ducted in R (version 4.4.2). Detailed information is provided in Appendix A,
section S6).
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Figure 1: Nested analytical framework used to characterize four dimensions of attitudinal
barriers to climate action in academia. The analysis proceeds sequentially from climate
change denial to reluctance toward academic climate change mitigation, opposition to
institutional mitigation policies, and institutional-individual inconsistency. Each step
is estimated among the relevant subset of respondents, without assuming a causal or

sequential relationship between the four dimensions.

Missing data

n=51
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3. Results

The vast majority of surveyed permanent academics and research per-
sonnel (86%) consider substantial changes in research practices essential to
address the climate crisis, and 80% support reducing research-related GHG
emissions by at least one third by 2030, in line with national cross-sectoral
targets (Table S1). We examine the breadth and internal consistency of this
apparent consensus.

3.1. Prevalence and Patterns of Attitudinal Barriers to climate action

Climate change Denial, or epistemic denial, is rare in academia : 0.4%
of our study population deny the reality of climate change and 3.2% its
anthropogenic causes (i.e, a total of 3.5%, Figure 2). Reluctance toward
academic climate change mitigation is more prevalent, with 7% favoring an
exemption of the research sector from cross-sectoral mitigation efforts and 2%
rejecting the idea that substantial changes in research practices are necessary
(i.e, a total of 8%, Figure 2).

Support for climate action among academics drops sharply when concrete
mitigation actions are suggested to be implemented at the institutional level,
with Opposition accounting for about 31% of attitudes (with 43% missing
values). Among these, 24% show mild opposition (refusing 1-2 of 10 pro-
posed institutional policies) and 7% show a stronger opposition (refusing >3
policies). Low levels of support are also observed when individual-level mit-
igation actions are suggested to academics who support institutional level
actions, with Institutional-Individual Inconsistency being detected in 29% of
the population (with 24% missing values), 21% showing mild Inconsistency
(willingness to reduce their GHG emissions by <1/3 in a given domain, de-
spite stating that reducing GHG emissions in this domain is a priority at an
institutional level) and 8% showing a higher level (refusing to reduce their
GHG emissions in a given domain, despite stating that reducing GHG emis-
sions in this domain is a priority at an institutional level). Given their high
rate of missing values, the prevalence of Opposition to Institutional Mitigation
Policies and Institutional-Individual Inconsistency is likely underestimated.

Note that these four dimensions of attitudinal barriers to climate action
slightly overlap (see Figure S1), with, for example, Opposition and Incon-
sistency being found even among those who express Reluctance. In total,
we find that 54% of our population expresses support for at least one form
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of inaction, 16% express full support for mitigation actions, and 30% have
missing values at any given level of action.

3.2. From Stated Support to Action: The Gap between Consensus and Indi-
vidual Commitment

To better understand the gap between, on the one hand, awareness of cli-
mate change and general support for climate change mitigation in academia
and, on the other hand, specific attitudes toward policies and individual com-
mitments, we review the support for the ten suggested institutional actions
and willingness to reduce individual professional GHG emissions by 2030.
Institutional actions span various policy instruments following (50; 51) (i.e.,
norms, economic incentives, and informational instruments) or push-and-pull
policies that either discourage emitting practices through costs and restric-
tions or promote desired behavior through incentives (see classification in
Table 1).

Academics and research personnel generally support institutional climate
policies (Figure 2 panel A and Table S2). On average(range), 53% (32%-68%)
of the respondents identify the proposed policies as priorities, 21% (14%-
30%) as secondary, and 10% (3%-24%) express outright opposition, with
about 15% missing data. Four specific actions received lower yet prevailing
support: integrating GHG emissions into research funding criteria, financing
carbon offsets, publishing GHG inventories, and implementing flight limits.

However, when asked about their willingness to reduce their own profes-
sional GHG emissions by 2030, support for climate action drops drastically
(Figure 2 panel B and Table S2). On average across all actions, only 16%
(5%-40%) of our population support substantial emissions reductions (i.e.,
by >1/3), while 11% (7%-18%) opt for limited mitigation (i.e., by <1/3).
Additionally, 26% (6%-39%) are opposed to lowering their emissions, pre-
dominantly because they consider their GHG emissions to be already low
(about 45% missing data). Even those who believe research should lead by
example regarding GHG emissions reduction show considerable reluctance
when it comes to individual mitigation efforts, with only 22% (8%-53%) on
average supporting substantial reductions.

Two actions received comparatively larger support for substantial reduc-
tions (i.e., by >1/3): reducing flights to conferences (40%) and reducing IT
equipment use and replacement frequency (28%). Conversely, reductions in
the use of laboratory, experimental, or observational equipment were consid-
ered the least acceptable actions (<6% opting for substantial reductions in
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A What actions should research institutions B Are you willing to reduce your GHG emissions
( ) (and/or research units) take to cut GHG emissions? ( ) by 2030 in the following areas?

Reduce air travel to

Prioritize energy—efficient equipment attend conferences

during replacemenisqiude GHG

T, or. tings
‘?:i:sl"‘if;s 75% - emissions among funding Reduce IT equipment % Reduce EG4ExpObs
selection criteria use and replacement by using.fewer pieces of equipment
frequency 50% in experimental setups

Ban flights for trip:

<6h by train Pay for carbon offset

Reduce Eq4ExpObs Reduce Eq4ExpObs
by replacing equipment: by:using it less frequently

less frequently or less intensively
Avoid replacins
functioning IT equipt
of <5y. of age’

Publish
GHG inventories

Reduce Eq4ExpObs Reduce the number of
Favor local or. Set a limit by using or developing: scientific experiments
vegetarian menus on the number simpler devices (low tech) or observations
providers Reduce the weight  of flights Reduce air,
of conferences ship or car travel
in career evaluations for fieldwork or data collection
=== Priority action Missing value === >1/3 emission reduction Missing value
Secondary action No opinion <1/3 emission reduction Not concerned
=== Action should not be undertaken = Emissions already very low No opinion
== No reduction

Figure 2: Opinions regarding (A) institutional mitigation options and (B) changes in
individual research practices within the study population of permanent academics and
research personnel (N = 4688). Missing values—such as “no opinion” or “not concerned”—
are incorporated into the variable distribution estimates, and missingness is displayed
in grey on the graph. Institutional options (A) include: (a) subsidizing train tickets
even if the journey is longer or more expensive than flying; (b) publishing detailed GHG
inventories; (c) setting limits on the annual number of flights per person; (d) including
GHG emissions among funding selection criteria; (e) reducing the weight of conferences
in career evaluations; (f) banning flights for trips under 6 hours by train; (g) avoiding the
replacement of functioning IT equipment before 5 years of use; (h) prioritizing energy-
efficient equipment even when more expensive; and (i) favoring providers offering local
or vegetarian menus. Options at the individual level (B) cover willingness to reduce
GHG emissions in eight areas: (a) Reduce air-travel to attend conferences, congresses or
meetings, (b) Reduce air, ship or car travel for fieldwork or data collection, (c¢) Reduce
the number of scientific experiments or observations, (d) Reduce IT equipment use and
replacement frequency and (e-h) Reduce the production and operation of equipment used
for your scientific experiments and observations (e) By using it less frequently or less
intensively, (f) By using or developing simpler devices (low tech), (g) By using fewer
pieces of equipment in experimental setups, (h) By replacing equipment less frequently.
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Climate policy Policy Push vs. Domain
instruments Pull

Set a limit on the number of Norms Push Travel

flights

Ban flights for trips that can Norms Push Travel

be made in less than 6h by

train

Avoid replacing IT equipment  Norms Push Purchases

of less than 5 years of age

Include GHG emissions into Norms Push Evaluation

funding selection criteria

Reduce the weight of Norms Pull Evaluation

conferences in career

evaluations

Favor local and vegetarian Norms Pull Diets

menu providers

Subsidize train tickets Economic Pull Travel
incentives

Finance carbon offset Economic Pull Travel

initiatives incentives

Prioritize energy-efficient Economic Pull Purchases

research equipment during incentives

replacements

Publish GHG inventories Informational Pull Evaluation
instrument

Table 1: Typology of climate policies tested in the survey, by domain and policy instru-

ment.

the number of equipment and frequency or intensity of use). Missing values,
despite being substantial, had a minimal effect on the comparative accept-
ability of actions (see Figure S2). Regarding those who considered their GHG
emissions to be already low, we cross-validated these self-assessments with
independent information collected in the survey about respondents’ actual
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practices (number of flights, use of energy intensive research facilities, IT
renewal) and the presence of mitigation incentives in their research units.
Results support the hypothesis that this response modality may be inter-
preted as an opposition to mitigation options (Supplement Appendix D),
which would result in a greater prevalence of Inconsistency than estimated
in this study.

3.3. Factors Associated with Attitudinal Barriers to Climate Action

We sequentially analyze how socio-demographic characteristics, profes-
sional status, academic success (h-index), international conference atten-
dance frequency, perceived costs associated with mitigation, and broader
attitudes towards the environment are associated with each of the four di-
mensions of attitudinal patterns of academic climate inaction (i.e., Denial,
Reluctance, Opposition, and Inconsistency). Descriptive statistics for each
of these variables are given in Tables S4 and S5. Due to high VIF values,
the explanatory variable, number of publications , was excluded from the
multivariate models (see details in Table S6).

We rely on a nested analytical approach (see Figure 1) to examine where
support for academic climate change mitigation begins to weaken and to
identify the factors associated with successive layers of attitudinal barriers
to climate action. Accordingly, Reluctance is assessed among respondents
who do not deny climate change; Opposition among those who do not deny
climate change and are not reluctant toward climate mitigation in academia;
and Inconsistency among those who do not deny climate change, are not
reluctant, and support all institutional mitigation actions. A complete pre-
sentation of the prevalence of these attitudes is provided in Supplementary
Figure S1.

Results for Denial, Reluctance, and Inconsistency are presented as odds
ratios (OR), and results for Opposition as incidence rate ratios (IRR). ORs
indicate the likelihood of expressing a given attitudinal barrier, while IRRs
indicate the expected number of institutional actions refused. In multivariate
models, estimates are adjusted for all explanatory variables. Similar patterns
are observed across the four nested dimensions of mitigation refusal (Figure
3; Tables S7, S8, S9, and S10).

Perceived mitigation costs and lower support for degrowth emerge as the
factors most consistently associated with all four dimensions of attitudinal
barriers to climate action in adjusted models. Higher perceived costs and
lower agreement with degrowth are systematically associated with greater
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non-support for mitigation policies. More precisely, compared to considering
degrowth as a response to environmental challenges (57% of our population),
the strongest opposition to degrowth (7%) is significantly associated with a
10-fold increased likelihood of denying climate change (OR [95% confidence
interval| = 10.4 [6.3;16.9]), with a 3-fold increased likelihood of being reluc-
tant toward academic climate change mitigation (OR=3.2 [2.2;4.6]), with a
2-fold increased expected number of institutional actions refused (IRR = 2.1
[1.8:2.5]), and with a 3-fold increased likelihood of a 1-point inflation in the
Inconsistency score (OR= 2.7[1.2;5.8]). Association estimates of similar mag-
nitude are found for the highest perceived costs of air travel reduction (i.e.,
a score of 5 to 8, 11%) compared to perceiving zero cost (12%) when mod-
eling Opposition (IRR=2.6 [2.2;3.2]) and Inconsistency (OR = 2.3 [1.3;4.1]);
a higher association was estimated for Reluctance (OR=6.83.8;11.9]), and a
lower association was estimated for Denial (OR = 2.6 [1.2;5.3]). The per-
ceived costs of experiment reduction policies is the third main variable associ-
ated with attitudinal barriers to climate action, despite a high rate of missing
data (51%). Compared to respondents who perceive zero cost (16%), those
with the highest perceived cost scores (i.e., 4 to 5, 10%) exhibit a signifi-
cantly greater likelihood of expressing attitudinal barriers to climate action
(OR = 2.7 [1.2;5.9] for Denial, OR = 3.2 [1.9;5.2] for Reluctance, IRR=1.3
[1.1;1.5] for Opposition), and Inconsistency, OR = 1.7 [1.0;2.8|.

Socio-demographic characteristics play a significant role in explaining at-
titudinal barriers to climate action. Higher odds of Reluctance (OR= 2.3
[1.7;3.1]) and Inconsistency (OR = 1.4 [1.0;1.9]) are found for men (57%)
compared to women (43%), and higher odds of Denial (OR= 6.2 [2.2;17.6])
are found for respondents over 60 years old (10%) compared to the youngest
group (aged 18-34, 10%).

Accounting for interaction terms in the models, men who are against de-
growth as a solution to environmental problems and perceive high costs of
air travel reduction (score of 3 or above, 9% of our population), have a 6-
fold increased likelihood of denying climate change compared to the opposite
profile (i.e., women scientists who are not against degrowth - either support-
ing degrowth or missing value - and express no perceived costs of air travel
reduction, 5%); if not (i.e., among those who do not deny climate change),
they have a 21-fold increased likelihood of being reluctant to academic mit-
igation; if not (i.e., among those who do not deny climate change and are
not reluctant to academic mitigation), they are expected to refuse a 3-fold
higher number of institutional climate policies ; and if not (i.e., among those
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who do not deny climate change, are not reluctant to academic mitigation,
and support all institutional actions), they have a 3-fold increased likelihood
of a 1-point inflation in the Inconsistency score.

The effect of career status is largely captured by exposures to age, gen-
der, and h-index in multivariate models. Senior career position (35%) how-
ever, remains significantly associated with Opposition in adjusted models,
with a 2-fold higher expected number of institutional climate policies refused
compared to early-career researchers (1%). Broad research domains affect
attitudinal barriers to climate action, with medical and health sciences, and
physics and chemistry being associated with increased non-support for ac-
tion compared to humanities, languages, and literature, showing association
effects in the 2.1 to 3.1 range over one of the four dimensions of barriers to
climate action. Similarly, the h-index, publication rates, and attendance at
international conferences—proxies for academic visibility and success—are
all significantly associated with refusing academic mitigation actions in uni-
variate models, mostly related to Reluctance and Opposition. In multivariate
models, conference attendance dominates in the Opposition model, with as-
sociation effects of up to an IRR of 1.5 when attending at least 3 conferences
per year (9%) compared to none (35%).

In univariate models, firm belief in the ability of new technologies to solve
most environmental problems (10%) compared to not believing in this (41%)
is significantly associated with increased non-support for action at all levels;
however, the effect generally fades in multivariate models, mostly because
this information is partly redundant with the degrowth attitudinal variable
(V-Cramer=0.39).

Missing exposure values were informative, supporting a missing-not-at-
random (MNAR) mechanism. In particular, the missing category for per-
ceived costs of equipment reduction was associated with lower Inconsistency
and mainly included respondents not using energy-intensive facilities (88%
vs. 14% among non-missing values). Imputing all missing values reduced
the magnitude of associations with perceived mitigation costs and degrowth,
while revealing stronger disciplinary variations (Figure S3). Results were
robust across alternative specifications. Non-nested models yielded similar
estimates while additionally identifying significant age and conference at-
tendance effects (Figure S4). Similar patterns were also observed among
non-permanent personnel, despite their younger age and slightly stronger
disciplinary effects (Supplement Appendix C, Figure S5).
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Denial Reluctance Opposition Inconsistency
Gender (ref: Women)
Men —— o
Age range (ref: 18-34 y.old
9 ge ( y-old) 35-39 y.old

40-24 y.old

45-49 y.old

50-54 y.old ——

55-59 %.old S -

60 y.old and above —

Broad discipline (ref: Hum./Lang./Litt,
Ecology/Atm./Ocean Sc.
General support —_—
Math./Comp. sc.
Geoph./Astro.

iology
Med./Health sc. —_——
Engneenng SC.
Law/Pol sc./Eco./Manag.
Physics/Chem. —— ——

Status (ref: Early—career researchers) »
~Junior position
Mid-level position
Senior position —_—

Conferences (ref: 0)
<lpery.
1pery. —
2 pery.
3 pery. and more —
H-index (ref: 0 to 10)
11t0 20
2110 30

30 and above
<missing>
Techno-optimism (ref: No)
Rather ——
Totally
<missing>
Degrowth (ref: Yes)
Rather not ——
Totally not
<missing> —.

Costs of Air Travel Reduction Score (ref: 0)

<missing>

Costs of Equipment Reduction Score (ref:{){ 2
0

4105
<missing> —— —e—

p-value T
~005 025 1 5 025 1 2 510 1 2 025 1 2 5 10

~®- <0.05and =0.001 OR OR IRR OR
-8~ <0.001

Figure 3: Multivariate regression modeling of of (from left to right) Climate Change De-
nial, Reluctance toward academic climate change mitigation, Opposition to Institutional
Mitigation Policies, and Institutional-Personal Inconsistency, fitted in a nested approach.
Climate-Mitigation Denial is fitted by logistic regression (N=4,582), Reluctance toward
academic climate change mitigation is fitted by logistic regression among those who do
not deny climate change (N=4,381), Opposition to Institutional Mitigation Policies is fit-
ted by negative binomial regression among those who do not deny climate change and
are not reluctant toward academic mitigation (2,462), and Institutional-Personal Incon-
sistency by proportional odds-regression among those who do not deny climate change,
are not reluctant toward academic mitigation and who support all institutional efforts
only(N=1,126). IRR = Incidence rate ratio; OR = Odds ratio.
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4. Discussion

Our results reveal a marked gap between broad support for climate ac-
tion and support for concrete mitigation measures within academia. While
86% of respondents recognize the need for substantial changes in research
practices and 80% support ambitious emission reduction targets, support
declines when mitigation involves specific institutional policies or individual
behavioral changes. Climate change denial remains marginal (3.5%), but
reluctance toward academic mitigation, opposition to institutional policies,
and institutional-individual inconsistency are substantially more prevalent
(8%, 31%, and 28%, respectively), together affecting more than half of the
study population.

Across all dimensions, perceived mitigation costs—particularly those re-
lated to air travel and equipment use—and lower support for degrowth
emerge as the main factors associated with attitudinal barriers to climate
action. Consistent with previous research, support for climate policies ap-
pears shaped less by knowledge than by value orientations and perceived
trade-offs (52; 53), declining as mitigation is perceived to entail greater per-
sonal or professional costs (51). These patterns are further structured by
socio-demographic and professional characteristics, including gender, age,
disciplinary background, seniority, and academic visibility.

Taken together, these results reveal a tension between widespread recog-
nition of climate change and limited support for transformative action
when mitigation challenges established professional practices or institutional
norms. Rather than reflecting an academic exception, this pattern mirrors
broader social dynamics. We examine three cross-cutting dynamics shaping
these attitudes: sustainability pathways (technology vs. degrowth), per-
ceived mitigation costs, and professional norms and hierarchies, before dis-
cussing their implications for sustainability in academia.

4.1. Degrowth vs. Technological solutions

Our analysis shows that opposition to degrowth as a response to envi-
ronmental challenges is consistently associated with all four dimensions of
attitudinal barriers to climate action. Rejection of degrowth (21% of the
population and 44% among those who deny climate change or are reluctant
toward academic mitigation) appears as one of the most structuring atti-
tudinal divides, thereby delineating a clear boundary between support for
and resistance to climate action. This central role of degrowth suggests that
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disagreements over mitigation are not only about specific policies but also
about broader visions of how environmental challenges should be addressed.

Optimism about technological solutions to environmental challenges (en-
dorsed by 43% of the total population and 56% among those who deny cli-
mate change or are reluctant toward academic mitigation) also contributes
to this divide, but its association loses statistical significance once degrowth
is accounted for (i.e., in multivariate models; Tables S7, S8, S9 and S10),
suggesting that these two dimensions partly capture overlapping value orien-
tations. Taken together, these results point to a divide between alternative
pathways to sustainability, often characterized as technology-driven versus
sufficiency-oriented approaches.

Degrowth is grounded in the premise that decoupling economic (or knowl-
edge) production from its biophysical impacts is insufficient to address the
scale of the environmental crisis (54; 55). Core degrowth policies typically
include reducing working hours and GHG emissions or guaranteeing a basic
income (56). As such, support for degrowth can be interpreted as a proxy
for progressive orientations or, conversely, opposition to it as an indicator of
more conservative views, in line with studies indicating the highest support
for climate policies among individuals with positive normative views on state
regulation, independently of education levels (57).

Consistent with this interpretation, we find that 83% of respondents favor-
able to degrowth reported giving decisive weight to ecological issues in their
vote, confirming mechanisms observed in the general population (52; 53).
Among those who strongly reject degrowth, the divide is more balanced:
35% prioritized ecology in their voting behavior, while 54% did not.

These value-based differences are further reflected in the types of poli-
cies respondents are willing to support. Among opponents of degrowth, the
strongest opposition is found for the most binding policies (regulations and
norms, described in Table 1, results not shown). Similarly, strongest support
among techno-optimists is found for the least constraining policies (economic
incentives and informational instruments). This is consistent with (58), show-
ing that degrowth proponents tend to favor direct regulation, while support-
ers of green growth are more likely to accept incentive-based policies such as
subsidies.

Finally, support for degrowth is socially structured, reinforcing its role as
a central axis of differentiation within academia. The share of respondents
endorsing degrowth as a response to environmental challenges is highest in
ecology and environmental sciences (68%), closely followed by the humanities
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(67%), while other fields range between 47% and 60%. Strong opposition to
degrowth is also associated with gender and age: among those who are totally
opposed, 70% are men and 48% are aged 50 or older, compared to 57% of
men and 38% aged 50 or older among respondents who consider degrowth
necessary.

4.2. Costs of transition and climate delay narratives

A second key result concerns the role of perceived mitigation costs, which
are consistently associated with all four dimensions of attitudinal barriers
to climate action. These findings suggest that perceived trade-offs strongly
shape support for climate mitigation, consistent with dynamics described as
“policy perfectionism” (43) and previously documented in academic contexts
in France (59).

Importantly, these perceived costs should not be interpreted solely as
rhetorical strategies used to justify inaction. In the present context, they
span several domains, including scientific outcomes, access to resources, col-
laboration opportunities, and career progression. As such, they likely reflect
real or anticipated tensions between mitigation objectives and existing aca-
demic practices and incentive structures.

We estimate the perceived costs of climate change mitigation in academic
research through a score that increases as respondents acknowledge a greater
number of effects as both actual and problematic. The same weight is given
to all answers. Answers can be grouped into four functional domains: (i)
scientific impact, (ii) resource and funding, (iii) visibility and collaboration,
and (iv) institutional and structural risks. This operationalization allows us
to capture the breadth of concerns associated with mitigation policies (60).

Empirically, these perceived costs are strongly associated with indica-
tors of academic visibility. Crossing perceived costs and visibility indicators,
we find that more visible researchers tend to report higher perceived costs
of air travel reduction, suggesting a greater reluctance toward policies that
may challenge existing academic performance models. Specifically, 35% of
frequent publishers (i.e., those with >4 publications per year) report high
perceived costs (score >4), compared to only 18% among low-frequency pub-
lishers (<1 per year). Similarly, 42% of regular conference attendees (>3 in-
ternational conferences per year) report high costs, versus 20% among those
who attend rarely (<1 per year).

These results suggest that perceived costs are not merely anticipatory
or speculative but are rooted in structural dependencies between academic
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recognition and emission-intensive practices. Since high visibility—whether
through publications or international conference participation—may be
partly sustained by such practices (61), mitigation efforts may be perceived
as directly challenging established pathways to academic success.

4.3. Professional norms and power asymmetries

Consistent with previous research indicating that academic visibil-
ity—through publications, citations, or mobility—is associated with greater
carbon footprints (61; 62; 63) and that high competitiveness tends to induce
intensive flying practices (64), our findings suggest that entrenched norms of
academic success constitute a central barrier to support for climate change
mitigation, particularly those targeting air travel. This is especially evident
for regulatory policies (Table S2).

Empirically, indicators of academic visibility and productivity are
strongly associated with higher levels of attitudinal barriers. In univariate
analyzes, the strongest predictors among visibility indicators are a high pub-
lication rate for opposition and inconsistency, and the h-index for denial and
reluctance. High aeromobility (three or more round trips per year) is also as-
sociated with both greater opposition to institutional mitigation policies and
higher levels of institutional-individual inconsistency. Taken together, these
results suggest that academic success—understood in terms of productivity,
visibility, and mobility—is closely tied to practices that are difficult to recon-
cile with ambitious mitigation strategies. In this context, the accumulation
of “network capital” (65) through mobility and productivity may divert aca-
demics from supporting climate action, particularly when it directly affects
their own research practices.

These dynamics are further reinforced by social hierarchies within
academia. Men in senior positions are significantly more likely to express
attitudinal barriers to climate action. This gender gap echoes findings that
men are generally more skeptical and opposed to climate policies (66; 67)
and tend to perceive higher costs associated with mitigation, especially in
wealthier countries (68). Beyond gender, seniority—understood as career
advancement—is associated with greater opposition. These results are con-
sistent with studies suggesting that individuals who have benefited the most
from academic hierarchies tend to resist changes that might disrupt their
professional practices or challenge their privileged position (69).

Even mitigation policies that minimally interfere with existing practices
can face limited support. Carbon offsetting is among the least supported
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institutional options (34% support, compared to 66% for the most widely fa-
vored options), along with the integration of GHG assessments into funding
decisions (32%). However, these patterns may also reflect broader concerns
about the effectiveness or design of such instruments. Offsetting, for instance,
has been widely criticized for its limited effectiveness (70). Similarly, the rel-
atively recent shift in France toward a competitive, project-based funding
system—where grant acquisition is increasingly central to career advance-
ment—has drawn criticism for its systemic side effects (71).

More broadly, these findings point to a tension between support for cli-
mate action in principle and resistance to concrete climate policies perceived
as disruptive, ineffective, or misaligned with academic values. While many
researchers endorse mitigation goals, they tend to favor strategies that pre-
serve existing norms while rejecting options they perceive as symbolic or
poorly designed (52).

Finally, these patterns are also structured along disciplinary lines. Taking
into account gender, seniority, visibility, and climate delay narratives, we find
that engineering is associated with higher odds of denial, physics and chem-
istry are associated with higher odds of both reluctance and inconsistency,
and medicine and health sciences are associated with higher probabilities of
inconsistency. While physics tends to be associated with the highest levels
of aeromobility and publication rates (results not shown; (61)), and ecology
and environmental sciences also exhibit high levels of both, this suggests a
potential modulating role of disciplinary contexts in shaping the relationship
between academic success and support for climate policies (11).

4.4. Implications for climate action in academia

Our findings provide insight into the attitudinal and behavioral patterns
associated with climate inaction in academia. However, these patterns can-
not be fully understood without considering the institutional structures that
shape academic practices, including entrenched norms, carbon-intensive in-
centives, and professional hierarchies (72). In this perspective, focusing solely
on individual responsibility and engagement (73), without systemic trans-
formation (55), is unlikely to produce substantial change and may instead
reinforce the status quo.

In response to growing climate imperatives, academic institutions have
predominantly relied on traditional tools: disseminating knowledge, rais-
ing awareness, and improving climate literacy (74). These strategies mirror
those historically used to combat denialism. Yet, our results suggest that
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climate inaction in academia stems less from a lack of knowledge than from
divergences in sustainability pathways and from the real or perceived costs
associated with mitigation policies. In a research system driven by compe-
tition, resource use intensification, and productivity metrics (e.g., publica-
tion counts, citations) (75), merely increasing awareness is unlikely to foster
change (76).

This implies that informational approaches, while necessary, are insuf-
ficient on their own. If they remain a central component of institutional
sustainability strategies, their scope should shift toward a more explicit en-
gagement with climate policy instruments, including their trade-offs, poten-
tial co-benefits (77), and institutional implications.

4.5. Strengths and limitations

The main strength of this study lies in its combined conceptual and sta-
tistical approach, which distinguishes between denial, reluctance, opposition,
and inconsistency within a nested analytical framework. This approach al-
lows us to identify where support for climate action begins to weaken and to
examine the factors associated with each layer of attitudinal barriers. The
large sample size (nearly 5,000 individuals) further enables robust estimation
of these associations with substantial statistical power.

This study also has limitations. First, the representativeness of the study
population may be affected by selection bias, as individuals with stronger
positions regarding climate mitigation in academia may be more likely to
participate. This may influence the estimated prevalence of attitudinal bar-
riers. However, such bias is less likely to affect the structure of associations
identified in the analysis, provided that these relationships remain stable
across subgroups.

Second, the construction of the opposition score assigns equal weight
to heterogeneous mitigation policies, ranging from relatively low-cost actions
(e.g., subsidizing train travel) to more structurally constraining policies (e.g.,
integrating GHG emissions into funding criteria). While this choice was made
in the absence of a clear theoretical or empirical basis for differential weight-
ing, it may limit the ability to capture variation in the perceived stringency
or impact of different policy instruments. These limitations should be taken
into account when interpreting the results but do not undermine the consis-
tency of the observed patterns.
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5. Conclusion

This study shows that academia is not immune to the gap between climate
awareness and climate action. Although climate denial is marginal, support
for mitigation weakens when policies are perceived to conflict with established
norms of academic evaluation, productivity, and mobility. Addressing atti-
tudinal barriers, therefore, requires engaging with incentive systems, power
relations, and organizational constraints rather than relying primarily on
individual-level change. Without such structural adjustments, efforts to pro-
mote climate action risk remaining largely symbolic rather than translating
into sustained and effective transformation.

By distinguishing denial, reluctance, opposition, and institu-
tional-individual inconsistency, we show that climate inaction in academia
is structured by perceived costs, competing visions of sustainability, pro-
fessional hierarchies, and dominant norms of productivity and recognition.
These findings suggest that awareness-raising alone is unlikely to produce
substantial change in a community where awareness is already high.

If research institutions are to contribute credibly to climate mitigation,
they will need policies that address the institutional incentives and pro-
fessional norms sustaining high-carbon academic practices. In this sense,
the challenge for academia is not only to produce knowledge about climate
change, but also to transform the conditions under which knowledge itself is
produced.
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Supplementary Information for :

High Awareness, Limited Action: Explaining Attitudinal
Barriers to Climate Mitigation in Academia

Appendix A. Supplementary Materials and methods

S1. Research landscape

In France, the research sector comprises universities and public or semi-
public research institutions, organized into mixed research units (UMR).
Universities and higher education institutions often combine research with
teaching, while standalone research organizations typically focus exclusively
on producing knowledge. For this study, we focus on academic and research
personnel, referring to all individuals working in universities or public re-
search institutions in UMRs affiliated with the CNRS (i.e., the majority
of UMRs), including academics, researchers, doctoral and postdoctoral stu-
dents, engineers, technicians, assistants, and administrative or support staff.

S2. Survey data

Our analysis relies on data from the survey “Academic and Research Per-
sonnel in the Face of Climate Change”, publicly released in 2022 (78) and
carried out within the Labos 1point5 project (79). Initially conceptualized in
2018 by astrophysicists for the French Society of Astronomy and Astrophysics
(80), the survey was subsequently generalized and scaled-up to include all
academic disciplines at the national level. The survey was administered, with
the support of the French National Center for Scientific Research (CNRS), to
a random sample of academic and research personnel in France, representing
a wide range of institutions, disciplines, professional roles and statuses, age
groups, and geographic locations. The purpose was to assess their attitudes,
opinions, and practices regarding climate change, with a focus on air travel
and the use of digital technologies (IT).

The online questionnaire was distributed between June and December
2020, aiming at the year 2019 (i.e., pre-COVID-19). It was sent to 30,000 ran-
domly selected individuals from the CNRS Labintel directory, which contains
more than 140,000 research personnel contacts from French universities and
public research organizations, representing all professional statuses within an
estimated total population of approximately 170,000 academics and research
personnel (81). With 6,724 responses, the survey reached a response rate of
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20%. The main descriptive findings were first reported in French (82) and
later made available in English as a word-for-word translation (83).

After additional data cleaning and quality checks performed by the au-
thors of the present study, the final dataset consists of 6,468 individuals. Our
analysis focuses on the subpopulation of 4,688 permanent employees, as key
parts of the questionnaire were specifically designed for this group. Their re-
sponses are compared, where relevant, with those from non-permanent staff
(N = 1,780) in the Appendix. Missing responses (including “no opinion” and
“not concerned”) are treated as informative categories.

S3. Survey biases and data quality

Potential biases related to non-response and self-reporting have been pre-
viously assessed for this survey dataset (61). To evaluate sample represen-
tativeness, information from the Labintel directory and the CNRS annual
report was used to compare respondents to the target population across dis-
cipline, professional status, age, and gender. Response rates were found to
vary across disciplines and professional categories, with higher participation
among permanent researchers and in disciplines more closely related to en-
vironmental issues. Standardized residual analyzes conducted on the CNRS
subsample indicated no significant gender bias and only limited age bias,
with a slight over-representation of younger cohorts.

Self-reported variables were also examined for potential reporting biases
using distributional analyzes and heaping indices (61). While some round-
ing effects were detected—particularly for publication counts—no substan-
tial bias was identified for key variables such as the number of flights or
bibliometric indicators, suggesting that self-reporting biases remain limited
in magnitude.

Taken together, these elements indicate that the survey population
broadly reflects the structure of the target population, although some dif-
ferences in response rates across groups remain. It is nevertheless possible
that the study population over-represents individuals with stronger positions
regarding climate-related changes in research practices, as those most favor-
able or most opposed may be more inclined to participate in such surveys.
In addition, the higher response rates observed among environmentally re-
lated disciplines suggest a potential selection bias toward respondents who
are more engaged with climate issues. As a result, these biases are more likely
to lead to an underestimation of attitudinal barriers to climate action rather
than to their artificial inflation. Importantly, such representativeness biases
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are not expected to substantially affect the association estimates, provided
that the relationships between predictors and outcomes remain stable across
population subgroups.

S4. Definition of attitudinal barriers to climate action

Based on individual survey responses, we construct four variables that
delineate the contours of academic climate inaction. These are built from
several response items, whose distribution is described in Tables S1 and S2.

We first define the binary variable Climate—Change Denial (or simply
Denial) that captures individuals who deny the reality and the anthropogenic
origins of climate change (i.e., those answering No, probably not , or No,
definitely not to the question “Do you think the Earth’s climate is changing
7”7 or No, they play no role , or They play a small role to the statement
“Human activities are causing climate change”). Respondents with missing
answers to both items were assigned a missing value (N = 106, 2% of our
study population).

We then define the binary variable Reluctance toward academic climate
change mitigation (or simply Reluctance) that captures individuals who ex-
press a general negative stance towards the role of academia in climate change
mitigation (i.e., those answering Strongly disagree to the question “Do you
think the climate emergency requires substantial changes in the way we prac-
tice our professions?”; or who select the option Given its role, public research
could be granted an exemption status after being reminded of the context of
“France’s commitment to reduce its greenhouse gas emissions by one third
by 2030”7 ; with alternative response options including were Research should
reduce its emissions by a third, and Research must lead by example). Re-
spondents with missing answers to both items were treated as missing (N =
118, 2%).

Opposition to Institutional Mitigation Policies (or simply Opposition) is
defined as a count variable corresponding to the number of times one an-
swered refusal to undertake this action out of the 10 institutional mitigation
actions suggested to the respondents, thereby capturing the level of rejec-
tion of specific and actionable policy instruments. Specifically, respondents
were asked to indicate their level of support for a set of ten institutional
mitigation actions: (i) setting limits on the number of flights, (ii) banning
flights for trips that can be made in less than six hours by train, (iii) subsi-
dizing train travel, (iv) avoiding the replacement of I'T equipment less than
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five years old, (v) prioritizing energy-efficient research equipment during re-
placement, (vi) reducing the weight of conferences in career evaluations, (vii)
publishing GHG inventories, (viii) including GHG emissions in funding se-
lection criteria, (ix) financing carbon offset initiatives, and (x) favoring local
and vegetarian catering options. Only respondents who provided complete
responses to these ten action variables were considered (N = 2006 with miss-
ing values, 43% of our study population). Note that identical weights were
assigned to all policy options (e.g., subsidizing train tickets versus integrat-
ing GHG emissions into funding criteria). This choice was made a priori, in
the absence of theoretical or empirical justification for differential weighting,
and should be interpreted as a simplifying assumption of the analysis.

Respondents were independently asked about their willingness to reduce
their own professional GHG emissions by 2030 across several domains: (a)
air travel for conferences, congresses, or meetings; (b) air, ship, or car travel
for fieldwork or data collection; (c¢) the number of scientific experiments or
observations; (d) the use and replacement frequency of IT equipment; and
(e~h) the production and operation of equipment used for scientific activities,
including reducing usage intensity, developing or using simpler (low-tech) de-
vices, using fewer pieces of equipment in experimental setups, and extending
equipment lifespans.

We rely on these to define Institutional-Individual Inconsistency (In-
consistency), a three-class categorical variable that reflects an increasing
discrepancy between support for a given institutional mitigation option
(i.e.,‘undertaking the action is a priority”) and a paradoxical rejection of the
corresponding individual reduction option. Note that Institutional-Individual
Inconsistency independently targets three domains surveyed at both the in-
stitutional and individual levels (i.e., IT, air-travel, and the use of high-
energy research equipment and infrastructures).

The inconsistency score is obtained in the following manner (see Table
S3 for details): a value of 2 is given to respondents who answer that they
are not willing to reduce GHG emissions by 2030 in any of the following
domains and under the following conditions: (1) flights to conferences, meet-
ings, or congresses, while stating that setting a limit on the number of flights
or banning flights for trips less than 6 hours by train is a priority at the insti-
tutional level ; (2) IT equipment and their renewal frequency, while stating
that avoiding the replacement of I'T equipment less than 5 years old is a
priority ; (3) by using or developing low-tech equipment, while stating that
prioritizing energy-efficient equipment during replacements is a priority.
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A value of 1 is assigned to all remaining respondents who indicate that
they are willing to reduce their emissions by less than 1/3 in any of these
domains under the same conditions (i.e., while stating that the same actions
are a priority). A value of 0 is assigned to all remaining respondents who
indicate that they are willing to reduce their emissions by over 1/3 or that
their emissions are already low in any of these domains, under the same
conditions. Respondents with fully missing responses to these statements,
as well as respondents who consider that none of the institutional mitigation
actions related to these domains is a priority, are assigned a missing value
(N = 1100, 24% of our study population).

S5. Ezplanatory variables

We focus on the following self-reported factors to describe the popula-
tion and analyze how they intersect with academic climate inaction: age (5
year class), gender (male-female), discipline (see S6 for a description of their
aggregation values), career status (early career researchers, junior position,
mid-level position, senior position, or other), the number of international con-
ferences attended over the 5 years before the survey (average annual number),
the number of peer-reviewed publications over the 2017-2019 period (average
annual number), and the h-index at the time of the survey. The last three
variables are considered indicators of academic visibility or success.

We additionally construct two variables that quantify the perceived costs
and trade-offs associated with ambitious mitigation strategies.

Perceived Costs of Air Travel Reduction correspond to the number of
times a respondent selected “It is likely, and it is a problem” when evaluating
the potential trade-offs or downsides of limiting professional air travel. These
costs range from scientific costs (i.e., lower research quality, reduced data
access, or fieldwork opportunities), resource and funding costs (i.e., decreased
access to research funding), collaboration and visibility costs (i.e., reduced
dissemination of research results or threats to international collaborations),
systemic and structural consequences (i.e., increased administrative burden
or negative impacts on early-career researchers), and decreased individual
benefits (such as international mobility).

The second, Perceived Costs of Equipment Reduction, captures how often
the same response was given for concerns related to reducing the production
and operation of instruments intended for scientific experimentation and ob-
servations. These costs entail scientific costs (i.e., lower research quality or
constraints on or redirection of research topics), resource and funding costs
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(i.e., decreased access to research funding), and collaboration and visibility
costs (i.e., delays in progress relative to competing research groups or reduced
publication output). For both variables, respondents who answered “no opin-
ion”, “not concerned”, or left all relevant items unanswered were treated as
missing.

Finally, two attitudinal variables are defined based on the level of agree-
ment with the following statements: (i) “Most environmental problems can
be solved through the development of more advanced technologies,” hereafter
referred to as Technological Optimism; and (ii) “Degrowth is necessary to
address environmental challenges,” hereafter referred to as Degrowth. Each
variable is measured on a three-point scale, with an additional category for
missing values. Response modalities are presented in Tables S4 and S5.

S6. Statistical analyses

First, we detail the attitudes of our study population towards the 10 sug-
gested institutional climate mitigation actions and the 8 individual reduction
actions (see section S4). Second, we quantify the prevalence of attitudinal
barriers to climate action based on Denial, Reluctance, Opposition, and In-
consistency.

We investigate where support for climate action erodes and identify the
factors associated with successive layers of attitudinal barriers using a nested
analytical approach (see Figure 1). Specifically, we examine (1) factors as-
sociated with Climate change denial; (2) among non-deniers, factors associ-
ated with Reluctance toward academic climate change mitigation; (3) among
non-deniers who are not reluctant, factors associated with Opposition to In-
stitutional Mitigation Policies; and (4) among non-deniers who are not re-
luctant toward academic climate change mitigation and who consider all 10
institutional mitigation actions as priorities, factors associated with Institu-
tional-Individual Inconsistency.

We rely on logistic regression to model Denial and Reluctance (both bi-
nary variables), negative binomial regression to model Opposition (count
variable), and proportional odds regression to model Inconsistency (ordinal
categorical variable). In addition, socio-demographic characteristics (gender,
age), professional situations (discipline, status), and indicators of academic
visibility or success (number of publications, number of international con-
ferences, and h-index) are considered for inclusion as explanatory variables
across all multivariate models. We rely on variance inflation factor (VIF) val-
ues to identify multicollinearity among explanatory variables. Explanatory
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variables with a VIF>5 in all multivariate models are excluded. Univariate
models including explanatory variables one at a time are fitted for compari-
son.

Because missing data are considered informative (i.e., not missing at ran-
dom), a distinct “missing” category is created for all explanatory variables
with more than 10% missing values (their levels of missingness are detailed
in Tables S4 and S5). For all other explanatory variables (i.e., those with a
missingness rate below 10%), missing values are imputed using multiple im-
putation by chained equations (MICE) (84), with all variables in the study
considered as predictors, except for explained variables (i.e., Denial, Reluc-
tance, Opposition, and Inconsistency). Explained variables are not imputed,
as no gain in statistical power is expected. Ten imputed datasets are gener-
ated.

In sensitivity analyzes, we repeat the analyzes (1) after imputing all ex-
planatory variables’ missing values (i.e., assuming data is missing at ran-
dom); (2) in a non-nested approach (i.e., without selecting the population
the models are fitted on); (3) in non-permanent personnel (note that of In-
consistency was not assessed in this population, for they were not asked
their willingness to reduce their own professional GHG emissions). Finally,
we tested hurdle models to account for potential zero inflation and over-
dispersion in the Opposition score, and non-proportional odds models for
Inconsistency to relax the proportionality assumption. These alternative
specifications do not improve the models fit based on the Akaike Information
Criterion (AIC), and were not retained (results not shown). The analyzes
were conducted using R version 4.4.2 (2024-10-31).

S7. Research fields

We relied on the academic classification of the detailed academic disci-
plines as declared in the survey and built from (85). We merged those with
the classification used for engineers and technicians and regrouped them into
the following broad fields : Law & Political Science / Economics& Man-
agement, Languages & Literature, Humanities, Mathematics & Computer
Science, Physics & Chemistry, Geophysics & Astronomy, Ecology & Atm,
Ocean Sciences, Biology, Engineering, Medical & Health Sciences (See Fig-
ure S6).
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Appendix B. Experimental and observation purchases and infras-
tructures

In the survey, large and energy intensive research facilities include par-
ticle accelerators, radio telescopes, oceanographic vessels, research aircraft,
or intensive experimental settings (e.g., field platforms, greenhouses, farms,
animal facilities), as well as large IT infrastructures (e.g., supercomputers,
data centers) and major equipment (e.g., MRI scanners, high-resolution mi-
croscopes, oscilloscopes, centrifuges, deep freezers, etc.).

Appendix C. Permanent versus non permanent personnel

We present an exhaustive comparison of the socio-demographic and gen-
eral characteristics of non-permanent (N=1780) versus permanent (N=4688)
research personnel, together with their attitudes and opinions for key ele-
ments of the survey.

The socio-demographic characteristics of non-permanent staff members
are very different from those of permanent staff members (Table S4), pre-
dominantly related to their younger age : 63% are under 30 y.old, vs. 3%
among permanent staff. Half (49%) non-permanent staff members are doc-
toral students, 17% are postdoctoral students, and only 9% are researchers
or academics (research scientist or senior researchers and associate or full
professors). In comparison, among permanent staff, less than 2% are doc-
toral and postdoctoral students, and 62% are researchers or academics. In
great part due to this age difference, non-permanent have a lower scientific
visibility (in terms of numbers of publications and of conference attendance,
and of h-index, air travel frequency, and engagement in international research
programs).

Despite this age difference, similar opinions regarding climate change and
institutional mitigation options are found for non-permanent staff compared
to the permanent staff (see Tables S5 and S1), with comparable levels of
Denial (3.5% vs. 3.7%), Reluctance (8.2% vs. 8.6%) and Opposition (22%
vs. 24% with an opposition score of 1 or 2, and 6% vs. 8% with a greater
opposition score, see Table S11 and Figure S7). Inconsistency cannot be
characterized in this subpopulation, for non-permanent staff members were
not asked theses questions.

Some covariates are differently distributed (socio-economic and work-
related variables, see Table S4, but climate and climate change mitigation
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opinions are not, see Table S5), their associations with Denial, Reluctance and
with Opposition are similar (Figure S5 and Tables S7, S8 and S9); degrowth
and the perceived costs of air travel reduction and of equipment reduction
remain the main drivers of obstruction.

Similar levels of missingness are found (40% in total vs. 32% among
permanent staff, see Tables S4, S5 and S11 for details variable per variable).

Appendix D. Analysis of the response modality "My emissions are
already very low"

A substantial proportion of respondents (6% to 24%, depending on the
emission source) reported being unwilling to reduce their GHG emissions,
arguing that their current levels were already very low (blue line in Figure 2,
panel B). We cross-validated these self-assessments with independent infor-
mation collected in the survey regarding respondents’ actual practices and
the presence of mitigation incentives in their research units.

First, among those who considered their equipment-related emissions to
be very low (N = 1,073), only 6% reported using at least one large or energy-
intensive research facility !, compared to 22% in the rest of the sample (with
missing values of 0% vs. 35%), respectively).

Among respondents who reported that their professional air travel emis-
sions were already very low (for conferences, meetings, or fieldwork; N =
1,497), the average number of return flights taken in 2019 was 1.21, com-
pared to 1.80 in the total population—a reduction of approximately 33%.
This difference, however, is largely attributable to a lower proportion of in-
tensive flyers in this group: only 8% reported taking four or more return
flights in 2019, compared to 16% in the overall sample. When these high-
frequency travelers are excluded, the average number of flights among the
remainder of the self-declared low emitters drops to 0.73, virtually identical
to the rest of the population (0.76).

Similarly, among those who claimed their I'T-related emissions were al-
ready very low (N = 1,521), the number of computers owned per person was
comparable to that of the rest of the sample—about 40% in both groups re-
ported owning more than one computer. In addition, computer replacement
rates remained high: 80% had replaced a computer within the last five years,

'Such as accelerators, telescopes, research vessels, greenhouses, supercomputers, or
MRI scanners
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versus 93% in the rest of the population. This comparison is based on a
random 50% subsample of respondents who were shown these questions.

Finally, the belief that one’s emissions are already minimal is no more
prevalent among individuals working in laboratories where climate-related
mitigation policies were already in place (results not shown).

Supplementary Tables
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Variable Categories Permanent staff Non-permanent staff p-value
(N=4688) (N=1780)

"Do you think the Earth’s cli- 0.007
mate is changing 77

Yes, definitely 4142 (88%) 1614 (91%)

Yes, probably 423 (9%) 111 (6%)

No, probably not 13 (0.3%) 5 (0.3%)

No, definitely not 4 (0.1%) 2 (0.1%)

<Missing> 106 (2.3%) 48 (2.7%)
"Human activities are causing 0.983
climate change”

Yes, they are the only cause 846 (18%) 313 (18%)

Yes, they play a large role 3523 (75%) 1347 (76%)

Yes, they play a small role 141 (3.0%) 56 (3.1%)

No, they play no role 7 (0.1%) 2 (0.1%)

<Missing> 171 (3.6%) 62 (3.5%)
"How concerned are you about 0.326
climate change?”

Extremely concerned 1428 (30%) 566 (32%)

Very concerned 1827 (39%) 706 (40%)

Rather concerned 999 (21%) 336 (19%)

A little concerned 268 (6%) 99 (6%)

Not at all concerned 26 (0.6%) 10 (0.6%)

<Missing> 140 (3.0%) 63 (3.5%)
”Are you more or less concerned <0.001
than 5y. ago”

A lot more 1972 (42%) 833 (47%)

A little more 1674 (36%) 580 (33%)

Not more, not less 827 (18%) 242 (14%)

A little less 57 (1.2%) 39 (2.2%)

A lot less 20 (0.4%) 22 (1.2%)

<Missing> 138 (2.9%) 64 (3.6%)
"Do you think the climate <0.001
emergency requires substantial
changes in the way we practice
our professions”

Strongly agree 2083 (44%) 913 (51%)

Somewhat agree 1943 (41%) 650 (37%)

Somewhat disagree 310 (7%) 87 (4.9%)

Strongly disagree 83 (1.8%) 24 (1.3%)

<Missing> 269 (6%) 106 (6%)
"In the context of France’s <0.001
commitment to reduce its
greenhouse gas emissions by
one third by 2030, do you
think"

”"Research must reduce its emis- 1944 (41%) 772 (43%)

sions by a third”

"Research must lead by exam- 1823 (39%) 600 (34%)

ple”

”Given its role, public research 349 (7%) 146 (8%)

could be granted an exemption
status”
<Missing>

572 (12%)

262 (15%)

Table S1: Opinions on climate change and the need for mitigation options in research
among permanent and non-permanent academics and research personnel. We relied on
Fisher tests for categorical variables to compare groups, and on ANOVA tests for contin-
uous variables. Missing values are considered as a category.
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equipment in experimental setups

Institutional mitigation option Priority option Secondary option Option should <missing>
not be undertaken
Prioritize energy-efficient equipment during re- 68% 15% 3% 14%
placements
Subsidize train tickets 64% 15% 6% 16%
Ban flights for trips <6h by train 63% 14% 9% 14%
Avoid replacing functioning IT equipment of <5y. 63% 18% 7% 13%
of age
Favor local or vegetarian menus providers 57% 26% 4% 14%
Reduce the weight of conferences in career eval- 55% 19% 8% 18%
uations
Set a limit on the number of flights 47% 15% 21% 17%
Publish GHG inventories 45% 30% 6% 18%
Pay for carbon offset 34% 29% 12% 25%
Include GHG emissions among funding selection 32% 26% 24% 18%
criteria
Individual mitigation option > 1/3 emission <1/3 emission Emissions No reduction <missing>
reduction reduction already very low
Reduce air travel to attend conferences or meet- 40% 10% 25% 2% 24%
ings
Reduce IT equipment use and replacement fre- 28% 18% 32% 6% 15%
quency
Reduce Eq4ExpObs by replacing equipment less 14% 10% 16% 6% 54%
frequently
Reduce Eq4ExpObs by using or developing sim- 11% 11% 6% 10% 61%
pler devices (low tech)
Reduce air, ship or car travel for fieldwork or data 10% % 15% 6% 62%
collection
Reduce the number of scientific experiments or 10% 10% 13% 10% 56%
observations
Reduce Eq4ExpObs by using it less frequently or 6% 10% 11% 17% 56%
less intensively
Reduce Eq4ExpObs by using fewer pieces of 5% 8% 9% 18% 60%

Table S2: Opinions of respondents (N=4688) to institutional and individual mitigation

options.

Eq4ExpObs: Equipment for experiments and observations.
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Opinion on institutional Opinion on personal reduction options Score
mitigation options
Reduction Opinion
option

Setting a limit on the Flights to th .Willing to reduce 2

number of flights is a confe?"ences, W%H%ng to reduce by < 1/3 1

A meetings or  Willing to reduce by 1/3 or more 0

priority ..

congress My emissions are already low 0

Flights to  Not willing to reduce 2

Banning flights for trips | conferences, Willing to reduce by < 1/3 1

< 6h by train is a priority | meetings or Willing to reduce by 1/3 or more 0

congress My emissions are already low 0

Avoiding replacing IT Number of No.t .Wﬂhng to reduce 2

equipment of < 5 years of IT W%ll%ng to reduce by < 1/3 1

age is a priority equipment Willing to reduce by 1/3 or more 0

My emissions are already low 0

Awvoiding replacing IT IT No,t ,Wﬂhng to reduce 2

equipment of < 5 years of | equipment W?ll?ng to reduce by < 1/3 L

age is a priority renewal Willing to reduce by 1/3 or more 0

My emissions are already low 0

Prioritizing Using or ~ Not willing to reduce 2

energy-efficient equipment | developing ~ Willing to reduce by < 1/3 1

during replacements is a low-tech Willing to reduce by 1/3 or more 0

priority equipment My emissions are already low 0

Table S3: Scoring system for the variable Institutional-Individual Inconsistency. For all
individuals who express opinions on institutional mitigation options and on personal reduc-
tion options that are listed in this table, the highest score is retained. All other individuals
are attributed a missing value.
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Variable Categories, Permanent staff Non-permanent staff P-value
or distribution indicator (N=4688) (N=1780)
Missing N(%), Missing N(%),
unless stated unless stated
Age 14 (0.3%) 13 (0.7%) 20.001
18-24 y.old 12 (0.3%) 279 (16%)
25-29 y.old 113 (2.4%) 828 (47%)
30-34 y.old 310 (7%) 300 (17%)
35-39 y.old 662 (14%) 107 (6%)
40-44 y.old 862 (18%) 49 (2.8%)
45-49 y.old 826 (18%) 21 (1.2%)
50-54 y.old 786 (17%) 11 (0.6%)
55-59 y.old 637 (14%) 12 (0.7%)
60 y.old and above 466 (10%) 160 (9%)
Gender 20 (0.4%) 18 (1.0%) 0.006
Female 1995 (43%) 820 (47%)
Male 2673 (57%) 942 (53%)
Discipline 55 (1.2%) 35 (2.0%) 20.001
Biology 428 (9%) 123 (7%)
Ecology/Atm./Ocean Sc. 293 (6%) 121 (7%)
Geoph./Astro. 335 (7%) 114 (7%)
Law/Pol sc./Eco./Manag. 186 (4.4%) 101 (6%)
Math./Comp. sc. 560 (12%) 197 (11%)
Med./Health sc. 372 (8%) 181 (10%)
Physics/Chem. 880 (19%) 327 (19%)
Humanities/Lang. /Litt. 654 (14%) 325 (19%)
Engineering sc. 526 (11%) 204 (12%)
General support 399 (9%) 52 (3.0%)
Prof. status 0 (0%) 2 (0.1%) <0.001
Technician 270 (6%) 42 (2.4%)
Assistant Research Engineer 278 (6%) 49 (2.8%)
Research Engineer 513 (11%) 117 (7%)
Senior Research Engineer 510 (11%) 93 (5%)
PhD Candidate (with contract) 54 (1.2%) 769 (43%)
PhD Candidate (CIFRE — In- 12 (0.3%) 103 (6%)
dustrial Agreement)
Temporary Teaching and Re- 10 (0.2%) 54 (3%)
search Attaché (ATER)
Postdoctoral Researcher 9 (0.2%) 243 (14%)
Research Scientist 729 (16%) 12 (0.7%)
Associate Professor 1065 (23%) 19 (1.1%)
Senior Research Scientist 552 (12%) 60 (3.4%)
Full Professor 514 (11%) 74 (4.2%)
Other (unknown) 172 (3.7%) 143 (8%)
Career stage 172 (3.7%) 145 (8%) <0.001
Early-Career Researchers 66 (1.5%) 872 (53%)
Junior Position 543 (12%) 371 (23%)
Mid-level Position 2331 (52%) 165 (10%)
Senior Position 1576 (35%) 227 (14%)
Nb of 1354 (29%) 151 (25%) <0.001
publications 0 231 (7%) 421 (32%)
10;1[ per y. 419 (13%) 448 (34%)
[1;2] per y. 960 (29%) 297 (22%)
[2;4] per y. 898 (27%) 114 (9%)
[4-7] per y. 586 (18%) 34 (2.6%)
7 per y. and above 240 (7%) 15 (1%)
Nb of 324 (7%) 189 (11%) 20.001
conferences 0 per y. 1550 (35%) 725 (46%)
<1 per y. 972 (22%) 335 (21%)
1 per y. 877 (20%) 303 (19%)
2 per y. 585 (13%) 156 (10%)
3 per y. and more 380 (9%) 72 (4%)
Nb of prof. 103 (9%) 222 (12%) 20.001
return flights mean(sd) 1.6 (3.1) 0.9 (2.0)
in 2019 IQR [0: 2] [0; 1]
range (0 - 65) (0 - 50)
hoindex 3213 (69%) 1550 (87%) <0.001
0 to 10 244 (17%) 161 (70%)
11 to 20 592 (40%) 26 (11%)
21 to 30 377 (26%) 17 (7%)
30 and above 262 (18%) 26 (11%)
Engaged in an inter- 1216 (25.9%) 382 (21.5%) <0.001
national research pro-
gram
No 1955 (56.3%) 1064 (76.1%)
Yes 1517 (43.7%) 334 (23.9%)

Table S4: Socio-demographic and professional characteristics of permanent (N=4688) ver-
sus non-permanent (N=1780) research personnel. We relied on Fisher tests for categorical
variables to compare groups, and on ANOVA tests for continuous variables.

Early-Career Researchers

PhD Candidates ; IQR = Inter-quartile range; Junior Position

Temporary Teaching and

Research Attaché, Postdoctoral Researcher, Assistant Research Engineer, or Technicians (except Assistant Engineer) ;

Mid-level Position = Research Scientist, Associate professor or Research Engineer, Technicians (only Assistant Engineer);

sd = standard deviation; Senior Position = Senior Research Engineer, Full Professor, or Senior Research Scientist.
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Variable Categories Permanent staff Non-permanent staff P-value
(N=4688) (N=1780)

Techno-optimism <0.001

No 1936 (41%) 794 (45%)

Rather 1539 (33%) 499 (28%)

Totally 451 (10%) 134 (8%)

<missing> 762 (16%) 353 (20%)
Degrowth 0.014

Yes 2688 (57%) 998 (56%)

Rather not 635 (14%) 207 (12%)

Totally not 331 (7%) 122 (7%)

<missing> 1034 (22%) 453 (25%)
Perceived costs of 0.002
air travel reduction score 0 572 (12%) 274 (15%)

1 663 (14%) 243 (14%)

2 631 (13%) 256 (14%)

3 576 (12%) 208 (12%)

4 425 (9%) 176 (10%)

5 to 8 528 (11%) 204 (11%)

<missing> 1293 (28%) 419 (24%)
Perceived costs of <0.001
equipment reduction score 0 734 (16%) 378 (21%)

1 351 (7%) 153 (9%)

2 353 (8%) 120 (7%)

3 361 (8%) 90 (5%)

4t05 483 (10%) 79 (4.4%)

<missing> 2406 (51%) 960 (54%)
The decisive importance 0.001
of ecology in voting Yes 3063 (65%) 1113 (63%)

No 854 (18%) 345 (19%)

Prefer not to answer 242 (5%) 65 (3.7%)

<missing> 529 (11%) 257 (14%)
Redirect your research towards topics <0.001
more related to ecology, Yes 961 (20%) 294 (17%)
environment or climate I thought about it 805 (17%) 427 (24%)

No 2107 (45%) 889 (50%)

<missing> 815 (17%) 170 (10%)
Forgoing research due to <0.001
environmental impact Yes 363 (8%) 147 (8%)

I thought about it 567 (12%) 276 (16%)

No 2861 (61%) 1163 (65%)

<missing> 897 (19%) 194 (11%)
For professional trips, <0.001
favor train to plane Yes, several times 778 (17%) 226 (13%)
for environmental reasons Yes, one time 201 (4.3%) 90 (5%)
(even if the journey is longer) No, but I thought about 264 (6%) 107 (6%)

it

No 806 (17%) 353 (20%)

<missing> 2639 (56%) 1004 (56%)
Forgoing professional trips abroad <0.001
due to environmental impact Yes, decisive reason 314 (7%) 69 (3.9%)

Yes, secondary reason 267 (6%) 50 (2.8%)

No 1353 (29%) 607 (34%)

<missing> 2754 (59%) 1054 (59%)
Change your personal <0.001
air travel behavior No 2301 (49%) 761 (43%)

Yes, I fly a lot less 1039 (22%) 372 (21%)

Yes, I fly a little less 677 (14%) 292 (16%)

Yes, I fly a little more 97 (2.1%) 77 (4.3%)

Yes, I fly a lot more 32 (0.7%) 24 (1.3%)

<missing> 542 (12%) 254 (14%)
Protecting the environment is more <0.001
important than protecting Totally agree 2159 (46%) 975 (55%)
economic growth Rather agree 1489 (32%) 395 (22%)

Rather disagree 300 (6%) 81 (4.6%)

Totally disagree 68 (1.5%) 27 (1.5%)

<missing> 672 (14%) 302 (17%)
I accept that regulatory constraints <0.001
should be put in place to protect Totally agree 1775 (38%) 798 (45%)
the environment even if Rather agree 1833 (39%) 557 (31%)
this limits my comfort Rather disagree 342 (7%) 93 (5%)

Totally disagree 132 (2.8%) 36 (2.0%)

<missing> 606 (13%) 206 (17%)

Table S5: General opinions on climate and mitigation options of permanent and non-
permanent research personnel. We relied on Fisher tests for categorical variables to com-
pare groups, and on ANOVA tests for continuous variables. Missing values are considered

as a category.
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Permanent Non-permanent
(N=4,582) (N=1,732)
Univariate model Multivariate model Multivariate model
Variable category OR [95%CI] p- OR [95%CI] p- OR [95%CI] p-
value value value
Gender Females (ref) (ref) (ref)
Men 0.95[0.69;1.3] 0.749 0.96[0.67;1.38] 0.84 1.01[0.54;1.88] 0.975
Age 18-34y. old (ref) (ref) (ref)
35-39 y.old 2.31[0.81;6.57] 0.116 2.31[0.81;6.57] 0.116 1.73[0.45;6.65] 0.428
40-44 y.old 2.69[0.98;7.39] 0.056 2.69[0.98;7.39] 0.056
45-49 y.old 2.28[0.81;6.43] 0.118 2.28[0.81;6.43] 0.118
50-54 y.old 3.73[1.36;10.23] 0.011 3.73[1.36;10.23] 0.011
55-59 y.old 4.88[1.76;13.51] 0.002 4.88[1.76;13.51] 0.002
40-59 y.old 4.59[1.62;13] 0.004
60 y.old and above 6.22[2.19;17.62] | 0.001 6.22[2.19;17.62] | 0.001 8.79]2.8;27.63] <0.001
Discipline Hum./Lang./Litt. (ref) (ref) (ref)
Ecology/Atm./Ocean Sc. | 0.53[0.2;1.44] 0.215 | 0.84[0.29;2.45] 0.749 | 0.65[0.12;3.44] 0.613
General support 1.52[0.79;2.92] 0.207 0.95[0.43;2.1] 0.905 0.56[0.1;3.17] 0.509
Math./Comp. sc. 0.94[0.48;1.84] 0.866 1.2[0.58;2.45] 0.626 1.09[0.37;3.2] 0.878
Geoph. /Astro. 0.59[0.23;1.48] 0.257 | 0.65[0.23;1.82] 0.414 | 0.46[0.08;2.56] 0.378
Biology 1.41[0.74;2.69] 0.301 1.63[0.75;:3.54] 0.221 0.84[0.2;3.53] 0.808
Med./Health sc. 1.08[0.52;2.22] 0.842 1.18[0.5;2.78] 0.703 | 0.69[0.21;2.3] 0.551
Engineering sc. 1.65[0.91;2.99] 0.1 1.97[0.98;3.96] 0.059 0.54[0.15;2.01] 0.36
Law/Pol sc./Eco./Manag. 1.59[0.71;3.55] 0.258 1.14[0.48;2.71] 0.76 0.77[0.21;2.76] 0.682
Physics/Chem. 1.24[0.7;2.17] 0.463 1.34[0.66;2.72] 0.412 1[0.37;2.66] 0.993
Career status Early-Career Researchers (ref) (ref) (ref)
Junior position 1.23[0.14;11.01] | 0.852 1.23[0.14;11.01] 0.852 1.02[0.4;2.62] 0.963
Mid-level position 1.07[0.12;9.48] 0.95 1.07[0.12;9.48] 0.95 0.92[0.31;2.75] 0.883
Senior position 0.66[0.07;6.31] 0.721 0.66[0.07;6.31] 0.721 1.41[0.44;4.47] 0.56
Nb of conference 0 per y. (ref) (ref) (ref)
<1 per y. 0.93[0.52;1.64] 0.792 | 0.93[0.52;1.64] 0.792 | 0.49[0.19;1.21] 0.121
1 per y. 0.73[0.4;1.36] 0.326 0.73[0.4;1.36] 0.326 0.78[0.34;1.8] 0.564
2 per y. 0.52[0.25;1.1] 0.089 | 0.52[0.25;1.1] 0.089 | 0.3[0.08;1.19] 0.089
3 per y. and more 1.14[0.56;2.31] 0.716 1.14[0.56;2.31] 0.716 0.4[0.11;1.43] 0.158
H-index 0-10 (ref) (ref) (ref)
11 to 20 1.34[0.43;4.15] 0.614 1.06[0.32;3.46] 0.925
21 to 30 2.14[0.69:6.63] 0.189 1.55[0.46:5.27] 0.48
30 and above 1.63[0.47;5.65] 0.438 1.14[0.29;4.47] 0.851
above 10 1.8[0.15;21.21] 0.639
<missing> 2.55[0.94;6.96] 0.067 1.85[0.63;5.36] 0.261 2.85[0.33;24.68] 0.342
Techno-optimism No (ref) (ref) (ref)
Rather 2.21[1.48;3.3] <0.001 1.42[0.93;2.17] 0.108 1.34[0.57;3.14] 0.5
Totally 3.5[2.15:5.7] <0.001 | 1.34[0.78:2.3] 0.293 | 3.96[1.55;10.15] | 0.004
<missing> 2.18[1.33;3.55] 0.002 | 0.91[0.48;1.7] 0.756 | 1.91[0.7;5.26] 0.21
Degrowth Yes (ref) (ref) (ref)
Rather not 4.19(2.61;6.7] <0.001 3.57[2.19;5.83] <0.001 2.93[1.14;7.5] 0.025
Totally not 12.68(8.13;19.77] <0.001 10.35[6.33;16.91] <0.001 9.84[4.27;22.68] <0.001
<missing> 3.48[2.24;5.43] <0.001 | 2.67[1.57:4.53] <0.001 | 2.14[0.83:5.5] 0.116
Perceived costs of 0 (ref) (ref) (ref)
air travel reduction 1 1.01[0.46;2.19] 0.987 1.03[0.46;2.31] 0.936 2.8[0.46;17.12] 0.266
score 2 1.3[0.61;2.74] 0.497 1.26[0.58;2.75] 0.561 4.41[0.85;22.83] 0.077
3to4 1.15[0.57;2.32 0.695 0.97[0.46;2.02] 0.926 2.86[0.58;14.14] 0.198
5to 8 3.74[1.94;7.22 <0.001 2.55[1.24;5.25] 0.011 6.05[1.18;31.09] 0.031
<missing> 2.41[1.28;4.52 0.006 1.64[0.78;3.48] 0.195 5.13[0.98;26.93] 0.053
Perceived costs of 0 (ref) (ref) (ref)
equipment 1to2 2.46[1.16;5.21 0.019 2.13[0.97;4.66] 0.058 0.97[0.24;3.96] 0.965
reduction 3 2.29[0.96;5.45 0.061 1.53[0.61;3.81] 0.363 5.52[1.35;22.54] 0.017
score 4tob 4.67[2.25;9.67 <0.001 2.65[1.2;5.85] 0.016 1.59[0.32;7.78] 0.567
<missing> 2.99[1.55;5.78 0.001 2.29[1.07;4.91] 0.033 1.61[0.53;4.92] 0.403
Nb of publications 0 (ref) (ref) (ref)
10;1[ per y. 0.95[0.37;2.45 0.917 NA NA NA NA
[1;2] per y. 1.03[0.45;2.38 0.943 NA NA NA NA
[2;4] per y. 1.22[0.53;2.79 0.641 NA NA NA NA
[4:7[ per . 0.50[0.18:1.36 0.174 | NA NA NA NA
7 per y. and above 1.97[1.78;4.98 0.150 NA NA NA NA
<missing> 1.59[0.72;3.52 0.253 | NA NA NA NA

Table S7: Odds-ratio and their 95% confidence intervals obtained with logistic regression
models explaining Climate-Mitigation Denial among permanent and non-permanent per-
sonnel, independently.

OR: Odds ratio; 95%CI: 95% confidence interval.
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Permanent Non-permanent
(N=4,381) (N=1,654)
Univariate model Multivariate model Multivariate model
Variable category OR [95%CI] p- OR [95%CI] p- OR [95%CI] p-
value value value

Gender Females (ref) (ref) (ref)

Men 2.33[1.79;3.03] <0.001 | 2.31[1.72;3.1] <0.001 | 2.25[1.42;3.58] 0.001
Age 18-34y. old (ref) (ref) (ref)

35-39 y.old 0.86[0.49;1.52 0.606 0.86[0.49;1.52 0.606 1.09[0.42;2.81] 0.866

40-44 y.old 0.96[0.56;1.65 0.889 0.96[0.56;1.65 0.889

45-49 y.old 0.86[0.49;1.52 0.601 0.86[0.49;1.52 0.601

50-54 y.old 0.94[0.53;1.66 0.837 0.94[0.53;1.66 0.837

55-59 y.old 1.04[0.58;1.89 0.888 1.04[0.58;1.89 0.888

40-59 y.old 1.84[0.64;5.29] 0.258

60 y.old and above 1.11[0.6;2.07] 0.743 1.11[0.6;2.07] 0.743 1.22[0.42;3.59] 0.713
Discipline Hum./Lang./Litt. (ref) (ref) (ref)

Ecology/Atm./Ocean Sc. 1.45[0.74;2.83 0.274 1.2[0.56;2.57] 0.645 4.6[1.39;15.24] 0.013

General support 0.72[0.33;1.56 0.401 1.26[0.51;3.08 0.615 3.8[0.37;38.71] 0.259

Math./Comp. sc. 1.55[0.88;2.73 0.126 1.39(0.76;2.53 0.286 | 3.44[1.17;10.07] | 0.025

Geoph./Astro. 2.79[1.59:4.88 <0.001 | 1.82[0.92:3.58 0.085 | 6.82[2.19;21.27] | 0.001

Biology 1.86[1.04;3.33 0.035 1.45[0.72;2.93 0.304 4.71[1.44;15.37] | 0.01

Med./Health sc. 2.29[1.29;4.04 0.004 1.68[0.83;3.38 0.149 2.48[0.76;8.09] 0.132

Engineering sc. 2.36[1.39;4.02] 0.001 1.61[0.86;3.04] 0.138 4.55(1.48;14] 0.008

Law/Pol sc./Eco./Manag. | 2.34[1.17;4.66] 0.016 2.06[1;4.23] 0.051 1.31[0.25;6.81] 0.749

Physics/Chem. 3.5[2.19;5.6] <0.001 2.14[1.17;3.91] 0.014 5.59[2.01;15.57] 0.001
Career status Early-Career Researchers (ref) (ref) (ref)

Junior position 0.78[0.25;2.46] 0.675 | 0.78[0.25;2.46] 0.675 | 0.98[0.54;1.79] 0.951

Mid-level position 0.84[0.29;2.42] 0.749 0.84[0.29;2.42] 0.749 1.07[0.44;2.6] 0.876

Senior position 0.81[0.27;2.42] 0.7 0.81[0.27;2.42] 0.7 2.13[0.9;5.04] 0.086
Nb of conference 0 per y. (ref) (ref) (ref)

<1 per y. 0.76[0.51;1.13] 0.169 | 0.76[0.51;1.13] 0.169 | 0.79[0.44;1.4] 0.423

1 per y. 0.91[0.62;1.35] 0.655 | 0.91[0.62;1.35] 0.655 | 0.4[0.2:0.8] 0.009

2 per y. 0.89[0.57;1.38] 0.59 0.89[0.57;1.38] 0.59 1.02[0.51;2.04] 0.955

3 per y. and more 0.88[0.53;1.47] 0.63 0.88[0.53;1.47] 0.63 1.51[0.58;3.9] 0.396
H-index 0-10 (ref) (ref) (ref)

11 to 20 1.86[1;3.48] 0.05 1.61[0.82;3.16] 0.166

21 to 30 1.57[0.8;3.07] 0.19 1.19[0.56;2.52] 0.643

30 and above 2.33(1.18;4.58] 0.014 1.71[0.78;3.74] 0.177

above 10 0.59[0.18;1.87] 0.368

<missing> 1.16[0.65;2.06] 0.622 1.78[0.95;3.35] 0.074 0.97[0.49;1.92] 0.927
Techno-optimism No (ref) (ref) (ref)

Rather 1.45[1.11;1.9] 0.007 1.12[0.83;1.51] 0.449 0.75[0.46;1.22] 0.246

Totally 2.66(1.89;3.74] <0.001 | 1.4[0.95;2.07] 0.093 1.19[0.59;2.43] 0.628

<missing> 0.91[0.6;1.36] 0.635 1.35[0.8;2.28] 0.259 | 0.67]0.27;1.64] 0.383
Degrowth Yes (ref) (ref) (ref)

Rather not 2.22[1.63;3.02] <0.001 1.62[1.16;2.26 0.004 0.89[0.47;1.7] 0.727

Totally not 5.3(3.82;7.37] <0.001 3.17[2.18;4.61 <0.001 2.53[1.24;5.17] 0.011

<missing> 0.97[0.69;1.37]| 0.867 0.96[0.63;1.46 0.838 1.32[0.72;2.41] 0.367
Perceived costs of 0 (ref) (ref) (ref)
air travel reduction 1 1.5[0.81;2.76] 0.194 1.48[0.79;2.75 0.217 0.49[0.19;1.24] 0.131
score 2 1.77[0.97;3.22] 0.063 1.72[0.93;3.18 0.086 0.86[0.38;1.91] 0.706

3to4 3.1[1.82;5.28] <0.001 2.69[1.55;4.67 <0.001 1.65[0.85;3.2]| 0.137

5to 8 8.62[5.08;14.64] <0.001 6.75[3.82;11.91] <0.001 | 4.25[2.05;8.83] <0.001

<missing> 1.41[0.8;2.47) 0.237 | 1.72[0.9:3.29] 0.098 | 0.42[0.15;1.18] 0.098
Perceived costs of 0 (ref) (ref) (ref)
equipment 1to2 2.28[1.42;3.66) 0.001 1.74[1.06;2.85 0.028 3.14[1.64;6.02] 0.001
reduction 3 4.47[2.75;7.26] <0.001 2.92[1.74;4.93 <0.001 | 4.97[2.16;11.41] <0.001
score 4tob 5.67[3.6;8.92] <0.001 3.16[1.92;5.19 <0.001 7.06[3.04;16.41] <0.001

<missing> 1.23[0.8;1.9] 0.346 1.25[0.74;2.13 0.403 1.54[0.75;3.17] 0.243
Nb of publications 0 (ref) (ref) (ref)

10;1[ per y. 0.95[0.48;1.87] 0.877 NA NA NA NA

[1;2] per y. 1.09[0.60;1.99] 0.775 NA NA NA NA

[2;4] per y. 1.30[0.72;2.36] 0.384 NA NA NA NA

[4:7[ per . 1.81[0.99;3.31] 0.054 | NA NA NA NA

7 per y. and above 2.22[1.14;4.33] 0.09 NA NA NA NA

<missing> 0.71[0.38;1.30] 0.261 NA NA NA NA

Table S8: Odds-ratio and their 95% confidence intervals obtained with logistic regression
models explaining Reluctance toward Academic Mitigation among those who do not deny
climate change, among permanent and non-permanent personnel independently.

OR: Odds ratio; 95%CI: 95% confidence interval.
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Permanent Non-permanent
(N=2,462) (N=872)
Univariate model Multivariate model Multivariate model
Variable category IRR [95%CI] p- IRR [95%CI]| p- Coefficient p-
value value value

Gender Females (ref) (ref) (ref)

Men 1[0.9;1.11] 0.955 | 0.96[0.86;1.06] 0.41 1.28[1.05;1.55] 0.015
Age 18-34y. old (ref) (ref) (ref)

35-39 y.old 0.93[0.76;1.16] 0.533 0.93[0.76;1.16] 0.533 0.84[0.59;1.2] 0.343

40-44 y.old 0.92[0.75;1.13] 0.445 0.92[0.75;1.13] 0.445

45-49 y.old 1.04[0.84;1.29] 0.695 | 1.04[0.84;1.29] 0.695

50-54 y.old 1.1[0.89;1.37] 0.369 1.1[0.89;1.37] 0.369

55-59 y.old 1.13[0.9;1.42] 0.286 1.13[0.9;1.42] 0.286

40-59 y.old 0.97[0.61;1.56] 0.916

60 y.old and above 1.02[0.79;1.31] 0.868 | 1.02[0.79;1.31] 0.868 | 1.08[0.65;1.79] 0.767
Discipline Hum./Lang./Litt. (ref) (ref) (ref)

Ecology/Atm./Ocean Sc. 0.82[0.65;1.03] 0.093 0.91[0.71;1.17] 0.476 0.62[0.39;1] 0.05

General support 0.6[0.46;0.78] <0.001 | 1.1[0.79;1.53] 0.588 0.85[0.4;1.81] 0.675

Math./Comp. sc. 0.96[0.78;1.18] 0.718 1.01[0.83;1.24 0.906 0.8[0.56;1.15] 0.229

Geoph. /Astro. 1[0.8;1.26] 0.976 | 0.98[0.76;1.25 0.845 0.75[0.47;1.17] 0.207

Biology 0.96[0.77;1.18 0.678 1.03[0.81;1.32 0.801 0.4[0.24;0.66] <0.001

Med./Health sc. 1.09[0.87;1.36 0.454 1.2[0.93;1.56] 0.165 0.7[0.46;1.07] 0.097

Engineering sc. 0.92[0.74;1.13 0.414 0.94[0.74;1.18 0.588 0.56[0.37;0.84] 0.006

Law /Pol sc./Eco./Manag. 0.91[0.68;1.21 0.517 0.81]0.62;1.06 0.12 0.98[0.68;1.42] 0.92

Physics/Chem. 1.05[0.88;1.26 0.606 0.98[0.78;1.23 0.883 0.57[0.39;0.85] 0.005
Career status Early-Career Researchers (ref) (ref) (ref)

Junior position 1.33[0.72;2.43 0.36 1.33[0.72;2.43 0.36 1.07[0.84;1.35] 0.597

Mid-level position 1.68[0.95;2.97 0.074 1.68[0.95;2.97 0.074 1.44[1.01;2.05] 0.042

Senior position 1.88[1.05;3.36 0.033 1.88[1.05;3.36 0.033 1.21[0.8;1.82] 0.373
Nb of conference 0 per y. (ref) (ref) (ref)

<1 per y. 1.1[0.94;1.28] 0.226 1.1[0.94;1.28] 0.226 1.26[0.98;1.6] 0.067

1 per y. 1.18[1.02;1.38] 0.03 1.18[1.02;1.38] 0.03 1.07[0.83;1.38] 0.614

2 per y. 1.38[1.16;1.63] <0.001 | 1.38[1.16;1.63] <0.001 | 1.15[0.85;1.55] 0.37

3 per y. and more 1.47[1.22;1.76] <0.001 | 1.47[1.22;1.76] <0.001 | 1.3[0.88;1.91] 0.188
H-index 0-10 (ref) (ref) (ref)

11 to 20 1.07[0.85;1.34] 0.559 1.02[0.82;1.26] 0.861

21 to 30 1.21[0.95;1.54] 0.117 0.98[0.77;1.24] 0.858

30 and above 1.04[0.8;1.36] 0.757 0.79]0.61;1.04] 0.096

above 10 1.17[0.69;1.96] 0.559

<missing> 0.76[0.62;0.93] 0.008 0.84[0.69;1.02] 0.083 0.85[0.64;1.13] 0.258
Techno-optimism No (ref) (ref) (ref)

Rather 1.09[0.98;1.22] 0.118 0.95[0.85;1.05] 0.301 1.07[0.88;1.3] 0.508

Totally 1.25[1.05;1.48] 0.013 1.03[0.87;1.21] 0.737 0.77[0.53;1.11] 0.156

<missing> 1.13[0.88;1.47] 0.34 1.02[0.8;1.3] 0.856 0.93[0.57;1.51] 0.756
Degrowth Yes (ref) (ref) (ref)

Rather not 1.78[1.5652.03] <0.001 1.63[1.44;1.84 <0.001 1.52[1.19;1.95] 0.001

Totally not 2.42[2.01:2.91] <0.001 | 2.11[1.77:2.52 <0.001 | 2.45[1.79:3.37] <0.001

<missing> 1.42[1.2;1.69] <0.001 | 1.38[1.17;1.63 <0.001 | 1.65[1.24;2.19] 0.001
Perceived costs of 0 (ref) (ref) (ref)
air travel reduction 1 1.53[1.26;1.85] <0.001 1.46[1.21;1.76 <0.001 1.21[0.88;1.66] 0.233
score 2 1.82[1.5;2.2] <0.001 1.66[1.37;2.01 <0.001 1.04[0.75;1.43] 0.819

3to4 2.38[2;2.83] <0.001 1.99[1.67;2.37 <0.001 1.73[1.3;2.29] <0.001

5 to 8 3.23[2.67;3.91] <0.001 | 2.63[2.16;3.19 <0.001 | 1.84[1.33;2.55] <0.001

<missing> 1.1[0.89;1.36] 0.379 1.22[0.94;1.58 0.144 0.71[0.43;1.17] 0.179
Perceived costs of 0 (ref) (ref) (ref)
equipment 1to2 1.25[1.05;1.48 0.011 1.06[0.9;1.25] 0.485 1.29[0.98;1.7| 0.068
reduction 3 1.43[1.16;1.76 0.001 1.06[0.87;1.29 0.575 1.39[0.91;2.15] 0.132
score 4tob 1.81[1.52;2.17 <0.001 1.25[1.05;1.49 0.012 1.65[1.06;2.57] 0.027

<missing> 1.16[1;1.33] 0.045 1.04[0.88;1.25 0.629 0.89[0.66;1.21] 0.465
Nb of publications 0 (ref) (ref) (ref)

10;1[ per y. 1.12[0.83;1.52 0.458 NA NA NA NA

[1:2[ per y. 1.39[1.06;1.83 0.017 | NA NA NA NA

[2:4] per y. 1.73[1.32;2.26 <0.001 | NA NA NA NA

[4;7] per y. 1.66[1.26;2.19 <0.001 | NA NA NA NA

7 per y. and above 1.66[1.21;2.27 0.002 NA NA NA NA

<missing> 0.98[0.74;1.31 0.909 NA NA NA NA

Table S9: Incidence rate ratios and their 95% confidence intervals obtained with negative
binomial regression models explaining Opposition to Institutional Mitigation score among
those who do not deny climate change and are not reluctant to academic mitigation, among
permanent and non-permanent personnel independently.

IRR: Incidence rate ratio; 95%CI: 95% confidence interval.
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Univariate model Multivariate model
Variable category OR [95%CI] p-value OR [95%CI] p-value
Gender Females (ref) (ref)
Men 1.36[1.06;1.75] 0.016 1.4[1.04;1.89] 0.028
Age 18-34y. old (ref) (ref)
35-39 y.old 0.92[0.52;1.63] 0.78 0.92[0.52;1.63 0.78
40-44 y.old 0.78[0.44;1.38] 0.394 0.78[0.44;1.38 0.394
45-49 y.old 0.75[0.42;1.36] 0.345 0.75[0.42;1.36 0.345
50-54 y.old 1.08[0.6;1.94] 0.796 1.08[0.6;1.94] 0.796
55-59 y.old 0.72[0.37;1.37] 0.316 0.72[0.37;1.37] 0.316
Discipline Hum./Lang./Litt. (ref) (ref)
60 y.old and above 0.64[0.31;1.31] 0.222 0.64[0.31;1.31 0.222
Ecology/Atm./Ocean Sc. 2.4[1.37;4.21] 0.002 1.42[0.71;2.84 0.319
General support 1.6[0.89;2.89] 0.117 3.23[1.47;7.05 0.003
Math./Comp. sc. 1.56[0.9;2.71] 0.116 1.35(0.74;2.46 0.332
Geoph./Astro. 2.21[1.22;3.99] 0.009 1.28[0.62;2.64 0.504
Biology 2.94[1.71;5.05] <0.001 1.9[0.95;3.79] 0.07
Med./Health sc. 5.19[2.95;9.12] <0.001 3.08([1.49;6.4] 0.003
Engineering sc. 2.25[1.32;3.82] 0.003 1.45[0.75;2.8] 0.274
Law/Pol sc./Eco./Manag. 0.58[0.24;1.4] 0.225 0.55[0.22;1.38] 0.206
Physics/Chem. 3.75[2.31;6.06] <0.001 2.03[1.06;3.9] 0.033
Career status Early-Career Researchers (ref) (ref)
Junior position 2.02[0.52;7.82] 0.31 2.02(0.52;7.82] 0.31
Mid-level position 2.39[0.67;8.57] 0.182 2.39(0.67;8.57]| 0.182
Senior position 2.76[0.73;10.39] 0.134 2.76[0.73;10.39] 0.134
Nb of conference 0 per y. (ref) (ref)
<1 per y. 0.85[0.58;1.26] 0.419 0.85[0.58;1.26] 0.419
1 per y. 1.28[0.86;1.91] 0.225 1.28[0.86;1.91] 0.225
2 per y. 1.24[0.76;2.01] 0.39 1.24[0.76;2.01] 0.39
3 per y. and more 1.76[0.97;3.17] 0.061 1.76[0.97;3.17] 0.061
H-index 0-10 (ref) (ref)
11 to 20 1.42[0.78;2.59) 0.25 1.35[0.69;2.66] 0.383
21 to 30 1.07[0.54;2.1] 0.855 0.88[0.4;1.91] 0.742
30 and above 1.28[0.64;2.58] 0.487 1.03[0.45;2.37] 0.944
<missing> 0.8[0.47;1.37] 0.42 1.36[0.73;2.53] 0.335
Techno-optimism No (ref) (ref)
Rather 1.63[1.2652.13] <0.001 1.48[1.1;1.97] 0.009
Totally 1.47[0.96;2.24] 0.074 1.14[0.72;1.81] 0.579
<missing> 1.68[0.91;3.1] 0.098 1.95[0.98;3.89)] 0.057
Degrowth Yes (ref) (ref)
Rather not 1.71[1.17;2.5] 0.006 1.46[0.97;2.21] 0.072
Totally not 1.98[0.99:3.96] 0.053 2.7[1.25;5.81] 0.011
<missing> 1.2[0.76;1.9] 0.428 1.13[0.68;1.86] 0.644
Perceived costs of 0 (ref) (ref)
air travel reduction 1 0.86[0.58;1.3] 0.481 0.94[0.61;1.45] 0.78
score 2 1.76[1.19;2.6] 0.005 1.86[1.21;2.87] 0.005
3 to4 1.54[1.06;2.24] 0.025 1.64[1.08;2.51] 0.021
5 to 8 2.15[1.28:3.61] 0.004 2.26[1.26:4.05] 0.007
<missing> 0.8[0.53;1.2] 0.284 0.8[0.46;1.39) 0.431
Perceived costs of 0 (ref) (ref)
equipment 1to?2 1.49[1.02;2.17 0.038 1.22[0.82;1.84] 0.329
reduction 3 1.88[1.12;3.18 0.018 1.59[0.91;2.77] 0.101
score 4tob 2.78[1.77;4.36 <0.001 1.7[1.03;2.81] 0.038
<missing> 0.5[0.36;0.68] <0.001 0.57[0.36;0.91] 0.018
Nb of publications 0 (ref) (ref)
10;1[ per y. 0.76[0.40;1.44 0.397 NA NA
[1:2[ per y. 1.19[0.68;2.08 0.543 NA NA
[2:4] per y. 1.22[0.69;2.16 0.488 NA NA
[4;7] per y. 1.37[0.76;2.47 0.295 NA NA
7 per y. and above 1.88[0.93;3.83 0.081 NA NA
<missing> 0.75[0.42;1.35 0.338 NA NA

Table S10: Odds-ratio and their 95% confidence intervals obtained with proportional odds-
regression models explaining Institutional-Individual Inconsistency among permanent per-
sonnel who do not deny climate change, are not reluctant to academic mitigation, and are
not opposed to institutional mitigation actions (N=1,126).

OR: odds ratio ; 95%CI: 95% confidence interval.
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Variable Categories, Permanent staff Non-permanent staff p-value
or distribution indicator (N=4688) (N=1780)
Climate change 0.834
denial No 4417 (94.2%) 1667 (93.7%)
Yes 165 (3.5%) 65 (3.7%)
<missing> 106 (2.3%) 48 (2.7%)
Reluctance to 0.556
academic mitigation No 4187 (89.3%) 1569 (88.1%)
Yes 383 (8.2%) 153 (8.6%)
<missing> 118 (2.5%) 58 (3.3%)
Opposition to mean (sd) 1.1 (1.4) 0.8 (1.2) <0.001
institutional IQR [0; 2] [0; 1]
mitigation options range (0 - 10) (0-9)
<missing> 2026 (43.2%) 838 (47.1%)
% considering 10 actions are a pri- 1210 (25.8%) 489 (27.4%) <0.001
ority
Institutional- NA
personal 0 2225 (47.5%) NA
inconsistency 1 979 (20.9%) NA
2 364 (7.8%) NA
<missing> 1120 (23.9%) NA

Table S11: Distribution of explained variables among permanent and non-permanent re-
search personnel. Fisher tests were used for categorical variables, ANOVA for continuous
variables. Missing values are considered as a separate category. IQR = Inter-quartile
range; NA = Not applicable; sd = standard deviation.
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«s  Supplementary Figures

[ Respondents (n = 4688) ]
-+ i Missing data
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; . .
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n=All NA n=98 n=472 n=389 n=737
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Figure S1: Nested analytical framework used to characterize attitudinal barriers to cli-
mate action in academia. The analysis proceeds sequentially from climate change denial
to reluctance toward academic climate change mitigation, opposition to institutional mit-
igation policies, and institutional-individual inconsistency. Each step is estimated among
the relevant subset of respondents. Information on the prevalence of each attitude in the

excluded sub-population is presented. If the number of NA exceeds the number of data,
NA is indicated.
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A What actions should research institutions
( ) (and/or research units) take to cut GHG emissions?
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5
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<1/3 emission reduction Not concerned
= Emissions already very low No opinion

=== No reduction

Figure S2: Opinions of permanent academics and research personnel (N = 4688) regard-
ing (A) institutional mitigation options and (B) changes in individual research practices.
Responses do not include missing values (including “no opinion” and “not concerned”) into

the variable distribution estimates.
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Denial Reluctance Opposition Inconsistency
Gender (ref: Women)
Men ——
Age range (ref: 18-34 y.old
ge range { y-old) 35-39 y.old

40-44 y.old

45-49 y.old

50-54 y.old ———

55-59 y.old —

60 y.old and above ——

Broad discipline (ref: Hum./Lang./Litt.)
Ecology/Atm./Ocean Sc. —
General support
Math./Comp. sc.

Geoph./Astro. —— ——
Biolo —
Med./Health sc. —— —e— —
Engineering sc. — —e—
Law/Pol sc./Eco./Manag.
Physics/Chem. — ——

Status (ref: Early-career researchers) »
Junior position
Mid-level position
Senior position

Conferences (ref: 0)

<lpery. —.—
1pery. ——
pery. — ——
3 pery. and more ——
H-index (ref: 0 to 10)
11to 20
21to 30

30 and above

Techno-optimism (ref: No)

Rather ——
Totally
Degrowth (ref: Yes)
Rather not —— —.— —— o
Totally not —— — —— ———
Costs of Air Travel Reduction Score (ref: 0)
1 ——
2 — o
3t04 —— ——
5t08 — —— —— ——
Costs of Equipment Reduction Score (ref: 0) )
1to
3 ——
4t05 — —o—
p-value LI | LI — T T T LI |
~005 025 1 5 025 1 2 5 1 2 025 1 2 510
~®- <0.05and =0.001 OR OR IRR OR
-@- <0.001

Figure S3: Multivariate regression modeling of (from left to right) Climate Change De-
nial, of Reluctance toward academic climate change mitigation, of Opposition to Institu-
tional Mitigation Policies and of Institutional-Personal Inconsistency in permanent per-
sonnel, fitted in a nested approach after imputing all explanatory covariates missing values.
Climate-Mitigation Denial is fitted by logistic regression (N=4,582), Reluctance toward
academic climate change mitigation is fitted by logistic regression among those who do
not deny climate change (N=4,381), Opposition to Institutional Mitigation Policies is fit-
ted by negative binomial regression among those who do not deny climate change and
are not reluctant toward academic mitigation (2,462), and Institutional-Personal Incon-
sistency by proportional odds-regression among those who do not deny climate change,
are not reluctant toward academic mitigation and who support all institutional efforts
only(N=1,126). IRR = Incidence rate ratio; OR = Odds ratio.
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Gender (ref: Women)
Men

Age range (ref: 18-34 y.old
9 oe y-old) 35-39 y.old
40-44 y.old
45-49 y.old
50—54 y. old

60y. old and agove

Broad discipline EEf HumA{La? JLitt, ),S
'm./Ocean’Sc.
yGeneral support
Math./Comp. sc.
Geoph/ stro.

Biology
Med /Health sc.
%neenng sC.
Law/Pol sc co./Manag.
Physics/Chem.
Status (ref: Early—career researchers).
Junior position
Mid-level position
Senior position

Conferences (ref: 0)

3 pery. and?ﬂore
H-index (ref: 0 to 10)

<missing>
Techno-optimism (ref: No)
Rather
Totally
<missing>
Degrowth (ref: Yes)
Rather not
Totally not
<missing>

Costs of Air Travel Reduction Score (ref:lo)
2
3t04
. 5t08
<missing>

Costs of Equipment Reduction Sco&et(r%f: 0)
(0]

3
4105
<missing>
p-value
=0.05
~®- <0.05and =0.001
-@- <0.001

Denial Reluctance Opposition Inconsistency
-
=
—_— =
—_—— ——
S
—
——
Fo- ——
—— ——
—— —
e
—o—
—— —— - ——
—— —— —— —
—— —— ——
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——
— —— ——
—— — —— —
—— —
— ——
" ==
— — —— ——
= e
rrTT11 T T T 1 T T T T T
0251 5 025 12 5 1 2 05 1 2
OR OR IRR OR

Figure S4: Multivariate regression modelling of (from left to right) Climate Change Denial,
of Reluctance toward academic climate change mitigation, of Opposition to Institutional
Mitigation Policies, and of Institutional-Personal Inconsistency in permanent personnel,
fitted in a non-nested approach. Climate-Mitigation Denial is fitted by logistic regression
(N=4,582), Reluctance toward academic climate change mitigation, is fitted by logistic

regression (N=4,570),

Opposition to Institutional Mitigation Policies is fitted by nega-

tive binomial regression (2,662), and Institutional-Personal Inconsistency by proportional

odds-regression (N=

3,568). IRR = Incidence rate ratio; OR = Odds ratio.
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Gender (ref: Women)
Men

Age range (ref: 18-34 y.old

ge range ( y-old) 35-39 y.old
40-59 g.old
60 y.old and above

Broad discipline (ref: Hum./Lang./Litt.)
Ecology/Atm./Ocean Sc.
General support
Math./Comp. sc.
Geoph./Astro.
Biology
Med./Health sc.
Engineering sc.
Law/Pol sc./Eco./Manag.
Physics/Chem.

Status (ref: Early-career researchers)
Junior position
Mid-level position
Senior position

Conferences (ref: 0) .
<1pery.
1pery.
2 pery.
3 pery. and more

H-index (ref: 0 to 10)

above 10
<missing>
Techno-optimism (ref: No)
Rather
Totally
<missing>
Degrowth (ref: Yes)
Rather not
Totally not
<missing>
Costs of Air Travel Reduction Score (ref: 0)
1
2
3to4
5t08
<missing>
Costs of Equipment Reduction Score (ref: 0)
1to2
3
4105
<missing>
p-value
=0.05
~®- <0.05and =0.001
—@- <0.001

Denial Reluctance Opposition
—— ——
s
——
e
e
e —
g
—
° e
—— —— ——
=
=
g
—— —
7T ™1 T ™ T T T T
025 12 5 025 12 5 025 05 1 2
OR OR IRR

Figure S5: Multivariate regression modelling of (from left to right) Climate Change De-
nial, of Reluctance toward academic climate change mitigation, and of Opposition to In-
stitutional Mitigation Policies in non-permanent personnel, fitted in a nested approach.
Climate-Mitigation Denial is fitted by logistic regression (N=1,732), Reluctance toward
academic climate change mitigation is fitted by logistic regression among those who do
not deny climate change (N=1,654), Opposition to Institutional Mitigation Policies is fit-
ted by negative binomial regression among those who do not deny climate change and are
not reluctant toward academic mitigation (N=872). Institutional-Personal Inconsistency
was not assessed in non-permanent personnel. IRR = Incidence rate ratio; OR = Odds

ratio.
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Code [Type Discipline Classification_2

1 |cNU_[Droit prive et sciences criminelles Private Law and Criminal Sciences Law & Political Science / Economics &
2 |cNu_ [oroit public Public Law Law & Political Science / Economics &
3 |CNU_|Histoire du droit et des institutions Legal History and Institutions Law & Political Science / Economics &
4 [cNU_|[science politique Political Science Law & Political Science / Economics &
5 |cNU_|Economie Economics Law & Political Science / Economics &
6 | Law & Political Science / Economics &
7 |CNU_|Sciences du langage Linguistics Languages & Literature

8 |CNU__|Langues et litteratures anciennes Ancient Languages and Literatures. Languages & Literature

s [CNU_[Langue et itterature frangaise French Language and Literature Languages & Literature

10 |CNU__|Litteratures comparees Comparative Literatures Languages & Literature

11 |ONU_|Etudes English Studies Languages & Literature

12 |ONU_|Etudes tscand Germanic and Studies Languages & Literature

13 |CNU__|Etudes slaves et baltes Slavic and Baltic Studies Languages & Literature

14 |ONU_|Etudes romanes Romance Studies Languages & Literature

15 |CNU_|Langues, ltteratures et cultures africaines, asiatiques et autres African, Asian, and Other Area Languages and Cultures Languages & Literature.

16 [CNU_[Psychologie et ergonomie Psychology and Ergonomics Humanities

17 |cNU_|Philosophie Philosophy Humanities

18 |CNU_|Arts etarchitecture Arts and Architecture Humanities

19 |cNU_|sociologie, Sociology and Humanities

20 [cnu[Ethnologie, Ethnology and Humanities

21 |cNU_|Histoire ancienne et medievale Ancient and Medieval History Humanities

22 |cNU_|Histoire moderne et Modern and Cont History Humanities

23 |cNU_|Geographie Geography Humanities

24 |cNU_|Urbanisme Urban Planning Humanities

25 |onu & Computer Science

26 |onu i Applied & Computer Science

27 |onu Computer Science & Computer Science

28 |CNU__|Milieux denses et materiaux Dense Media and Materials Physics & Chemistry

29 |CNU__|Constituant Elementary Constituent: Physics & Chemistry

30 |CNU__|Milieux dilues et optique Diluted Media and Optics Physics & Chemistry

31 |CNU__|Chimie theorique Theoretical Chemistry Physics & Chemistry

32 |CNU__|Chimie organique Organic Chemistry Physics & Chemistry

33 |CNU__|Chimie des materiaux Materials Chemistry Physics & Chemistry

34 |cNU_|Astronomie Astronomy Geophysics & Astronomy

35 |ONU_|Structure delaTerre Earth Structure Geophysics & Astronomy

36 |CNU_|[Terre solide Solid Earth Geophysics & Astronomy

37 |cNU_ [Oceanographie, meteo Oceanography and Meteorology Ecology & Atm/Ocean Sciences

64 |CNU_|Biochimie Biochemistry Biology

65 |CNU_|Biologie cellulaire Cell Biology Biology

66 |cNU__|Physiologie Physiology Biology

67 |CNU__|Biologie des populations et ecologie Population Biology and Ecology Ecology & Atm/Ocean Sciences

68 |CNU__|[Biologie des organismes Organismal Biology Biology

69 |CNU__|Neurosciences Neurosciences Biology

50 |cnu Mechanics, Mechanical Engineering, Civil Engineering, sciences

61 |conu Computer E ing, Automation and Signal Processing sciences

62 | ¢ Energy E Process Engineering sciences

63 |CNU__|Génie electrique Electrical E ing, Electronics, Photonics and Systems sciences

70 |CNU__|[Sciences de Iéducation Education and Training Sciences Humanities

71 |CNU__|Sciences de linformation and C Sciences Humanities

72 |onu é History of Science and Technology Humanities

73 |CNU__|Culture et langues régionales, Regional Cultures and Languages Humanities

74 |CNU__|[Sciences des activités physiques Science and Techniques of Physical and Sports Activities Humanities

76 |cNU_[Théologie Catholique Catholic Theology Languages & Literature.
77__|cNU__[Théologie protestante Protestant Theology Languages & Literature.

2| et ¢ Morphology and Medecine & Health sciences
EE etimagerie médicale. Biophysics and Medical Imaging Medecine & Health sciences

44 |CNU__[Biochimie, biologie cellulaire et moléculaire, physiologie et nutrition Gell and Molecular Biology, Physiology and Nutrton Medecine & Health sciences

45 |onu maladies et hygiéne Infectious Diseases and Hygiene Medecine & Health sciences

46 |CNU_[Santé publique Public Health Medecine & Health sciences

47 |cNU_[Cancérologie, génétique, Oncology. Genelics, Hematology. Immunology Medecine & Health sciences

48 |oNU B é médecine d'urgence Crical Care, Emergency Medicine Medecine & Health sciences

49 |cNU_|Pathologie nerveuse et musculaire o Medecine & Health sciences

s |ovu gie ost laire, et chirurgie plastique Pathology. Dermatology and Plastc S1 Medecine & Health sciences

51 |ovu 9 et vasculaire c and Vascular Pathology Medecine & Health sciences

52 |CNU_|Maladies des appareils digestif et urinaire Diseases of the Digestive and Urinary Systems Medecine & Health sciences

53 |CNU_|Médecine intere, gériatrie, chirurgie générale et médecine générale Internal Medicine, Geriatrcs, General Surgery and General Medicine Medecine & Health sciences

s |ovu Tentant . roproduction Medecine & Health sciences

55 |cNU__|Pathologie de la téte et du cou Head and Neck Pathology Medecine & Health sciences

s |oNU|De croissance et prévention Growth and Prevention Medecine & Health sciences

57 |oNU |Sciences médecine et chirurgie buccales Biological Sciences, Oral Medicine and Surgery Medecine & Health sciences

58 |CNU_|Sciences physiques et Physical and Physiological Sciences in Endodontics Medecine & Health sciences

80 885|CNU__|Sciences ph himiques et ingénierie appliquée a la santé Physico-Chemical Sciences and Health Engineering Medecine & Health sciences

81285 |CNU_[Sciences du médi et des autres produits de santé d Other Health Products Medecine & Health sciences

52887 |CNU__|Sciences et clinique Biological Sciences, Basic and Ciincal Medecine & Health sciences

0 [cnu ieuti Midwifery Medecine & Health sciences

91 |cNU_[Sciences de éducation et de Ia ré-adaptation Eduation and Sciences Medecine & Health sciences

92 |cNU_[Sciences infirmires Nursing Sciences Medecine & Health sciences

A [BAP [sciences duvivant, dela terre et de Life, Earth and Sciences (ONU Discipline or Biology if missing

B |BAP |sciences chimiques et sciences des materiaux (Chemical and Materials Sciences [NU Discipline or Physics & Chemistry if missing
C_ |BAP_|sciences de lingénieur scientifique Engincering d Scienti (CNU Discipline or Engineering if missing
D [BAP |[Sciences humaines et sociales Human and Social Sciences (CNU Discipline o Humanities if missing
£ [eap statistiques et calcul scientifique Computer Science, Statistics and Scienific Compuling NU Discipline or Mathematics & Comp: it missing
F [8Ap_|culture, ication, production et diffusion des savoirs Gulture, G Knowledge Production and [GNU Discipine or Humanites ff missing |
G |8AP__|Patrimoine immobilier Logistique, et Prévention Real Estate Heritage, Logistics, Maints d Risk Prevention General Support |
) BAP |Gestion et pilotage a General Support |

Figure S6: Broad Classification used in the main analyses to regroup detailed academic
disciplines.
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( A) Permanent staff
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Figure S7: Opinions of permanent academics and research personnel on institutional mit-
igation options, among permanent (N=4688, (A)) and non-permanent (N=1780, (B))
academic and research personnel. Missing values (including no opinion or not concerned)
are included in the estimation of the proportions; they are displayed using gray shading.
Eq4ExpObs: Equipment for experiments and observations.
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(B) Are you willing to reduce your GHG emissions
by 2030 in the following areas?
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frequency. 50%.
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Figure S8: Opinions of permanent academics and research personnel on institutional mit-
igation options (left-hand side graph) and on individual mitigation options (right-hand
side graph), within the subpopulation not denying climate change and not reluctant to
academic mitigation (top graphs, N=3914) and within the subpopulation denying climate
change or being reluctant to academic mitigation (bottom graphs, N=695) subpopulations.
Missing values (including no opinion or not concerned) are included in the estimation of
the proportions; they are displayed using gray shading.

Eq4ExpObs: Equipment for experiments and observations.
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