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Reliable projections of the future hydrological cycle are needed for designing adaptation
and mitigation measures under global warming. However, uncertainties in the projected
sign and magnitude of effective precipitation changes (precipitation minus evaporation,
P − E) remain high. Here, we examine the state-dependency of circulation, tempera-
ture, and relative humidity contributions to P − E changes in simulations of the Last5

Glacial Maximum (LGM), mid-Holocene, and abrupt quadrupling of the atmospheric car-
bon dioxide concentration. To this purpose, we apply a moisture budget decomposition
and a thermodynamic scaling approximation to CMIP6/PMIP4 simulations with the Earth
system model MPI-ESM1.2. We find that the importance of thermodynamic and dynamic
contributions to P −E changes and the patterns of dynamic contributions depend strongly10

on the underlying forcing. Greenhouse gas forcing leads to a stronger thermodynamic than
dynamic response. The LGM ice sheets yield a large dynamic contribution with zonally
heterogeneous patterns. Orbital forcing induces a predominantly dynamic response with a
hemispherically anti-symmetric structure. We also identify state invariant features: the im-
portance of temperature and relative humidity contributions to specific humidity changes is15

consistent across states, and the wet-get-wetter-dry-get-drier paradigm proposed for global
warming holds in almost all regions dominated by thermodynamic contributions. By def-
inition, the P − E budget is closed in the global mean. We find that, additionally, the
respective thermodynamic, dynamic, and transient eddy contributions vanish in the global
mean. Moreover for increasing length scales, the spatial variability of these contributions20

decays with similar rates. We suggest repeating our analysis for more models and states
which could help constraining hydroclimate projections.

Significance statement: We aim at improving our understanding of the influence of
changes in winds and water vapor on the local balance between precipitation and evapo-
ration. To this end, we compare simulations for two past climate states with an idealized25

high carbon dioxide concentration scenario. We find characteristics that depend on the
underlying state and characteristics that are consistent across states. Our results help
to identify what we can learn from past climate states about precipitation changes under
future greenhouse gas emission scenarios. So far, we only analyzed simulations from one
model. Therefore, we suggest to repeat our analysis with more models and for more past30

climate states to confirm our results.
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1 Introduction

Global warming induces changes in the strength and seasonality of the hydrological cycle which are
evident in altered global and regional precipitation patterns (Douville et al., 2021). This leads to
potentially large impacts on food security and economic prosperity through localized changes in water35

availability, which are controlled by the large-scale atmospheric circulation and small scale physical
processes (Allan et al., 2020; Douville et al., 2021). Therefore, reliable global, regional, and local hy-
droclimate projections are needed to design adaptation and mitigation measures. Despite substantial
improvements in resolution and complexity of state-of-the-art climate models, uncertainties on the
sign and magnitude of regional moisture availability changes remain high (Douville et al., 2021). The40

difference between precipitation and evapotranspiration (P −E), also called effective precipitation, is
a convenient diagnostic for changes in the local hydrological balance: it serves as a source and sink
term for the atmospheric water budget and, in a quasi-equilibrium climate state, its long-term global
mean is zero (Held and Soden, 2006). Over land, it modulates soil moisture and is balanced by runoff
in the long-term. Additionally, it regulates sea surface salinity and is, thus, a controlling factor of the45

ocean overturning circulation (e.g., Armstrong et al., 2023; Jiang et al., 2021; Mehling et al., 2023).
We draw on a decomposition of the atmospheric moisture budget following Seager et al. (2010), which
facilitates isolating drivers of past and projected future hydroclimate changes. Expressing P − E via
the moisture flux convergence, its multi-year mean changes can be separated into mean and variability
(transient eddy) components. Splitting the former additionally into contributions from specific humid-50

ity changes, atmospheric circulation changes, and coupled humidity and wind changes, allows isolating
thermodynamic, dynamic, and nonlinear P − E changes. Using this decomposition, for example, El-
baum et al. (2022) showed that uncertainties in regional P −E projections are predominantly related
to inter-model differences in the dynamic component, which hints at overemphasized thermodynamic
changes in the often-used multi-model mean projections.55

Considering only P − E changes due to the temperature-driven local increase of specific humidity
(Clausius-Clapeyron relationship), Held and Soden (2006) computed a thermodynamic scaling of P−E.
This scaling predicts an intensification of positive (wet) and negative (dry) P −E values under global
warming, termed the ”wet-get-wetter-dry-get-drier” (WWDD) paradigm. The WWDD paradigm
provides a good first order approximation of zonal mean P − E changes under increased greenhouse60

gas (GHG) concentrations (Byrne and O’Gorman, 2015; Held and Soden, 2006). However, it is not
effective on regional scales as shown in numerous observational and modeling studies (e.g., Chou et al.,
2009; Greve et al., 2014; Polson et al., 2013; Roderick et al., 2014). In particular, multi-year mean
P − E over land is balanced by runoff and, therefore, by definition positive. Hence, the WWDD
paradigm predicts wetting of all land areas which is not supported by observations from the last65

century and future projections (Douville et al., 2021; Liu and Allan, 2013).
To overcome this limitation, Byrne and O’Gorman (2015) derived an extension of the thermodynamic
scaling that takes changes in horizontal temperature gradients and relative humidity into account.
This scaling predicts simulated future zonal and regional annual mean P − E changes substantially
better (Byrne and O’Gorman, 2015; Douville et al., 2021). However, the applicability and limitations70

of the WWDD paradigm remain an active research area (e.g., Li et al., 2021; Yang et al., 2019; Zaitchik
et al., 2023). Throughout this study, we refer to positive (negative) P − E as wet (dry) and positive
(negative) P −E changes as wetting (drying) as a suitable dryness measure for global-scale analyses.
We acknowledge that there are other dryness indicators, e.g., based on soil moisture, atmospheric water
vapor deficit, or biomass productivity, which may be more suitable for different research questions (Fu75

and Feng, 2014; Gimeno-Sotelo et al., 2024; Li et al., 2024; Scheff et al., 2017; Vicente-Serrano et al.,
2010; Řehoř et al., 2024).
The applicability of conceptual frameworks for the hydroclimate response to large climate perturba-
tions can be tested using past climate states (e.g., Boos, 2012; D’Agostino et al., 2017; Lowry and
Morrill, 2019; Rehfeld et al., 2020). The Last Glacial Maximum (LGM, ∼ 21,000 years before present)80

and mid-Holocene (midH, ∼ 6,000 years before present) are well-studied periods with strongly differing
boundary conditions such as latitudinal and seasonal insolation distributions (orbital forcing), GHG
concentrations, ice sheet configurations, and land-sea masks (Kageyama et al., 2018). The climate dur-
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ing the LGM has gained particular interest in past-to-future comparisons: compared to pre-industrial
conditions (PI, ∼1850 CE), the LGM experienced much lower CO2 concentrations of approximately85

190 ppm (Bereiter et al., 2015) and expanded (Northern Hemisphere) ice sheets, but only weak orbital
forcing (Berger, 1978). This makes it a potential candidate for a cold world analog to a warmer future
(Quade and Broecker, 2009). In line with the reverse analog perspective, the thermodynamic scaling
of Held and Soden (2006) suggests a dry-get-wetter-wet-get-drier (DWWD) structure for the LGM.
The midH is characterised by an altered seasonal and latitudinal insolation distribution due to differ-90

ing orbital parameters (Otto-Bliesner et al., 2017), but small changes in GHG concentrations and ice
sheet configurations compared to the PI. The orbital forcing resulted, for example, in warmer North-
ern Hemisphere summers, stronger boreal summer monsoons, and weaker austral summer monsoons
(Brierley et al., 2020; D’Agostino et al., 2019, 2020).
The climate of the LGM is typically characterized as cold and dry. The latter is deduced particularly95

from a wide-spread reduction of vegetation productivity and reported evidence for more open land-
scapes (McGee, 2020). However, this characterization has been challenged (e.g., Lowry and Morrill,
2019; Scheff et al., 2017) and it is now largely acknowledged that effective precipitation changes fol-
lowed a more nuanced regional pattern (e.g., Adam et al., 2021; Weij et al., 2024). The regionalized
structure of P − E changes, likely associated with the ice sheet forcing during the LGM, was also100

identified by Boos (2012) as the reason for a much worse performance of the thermodynamic scaling
for approximating simulated P − E changes compared to the future scenarios studied by Held and
Soden (2006). More generally, the response of individual moisture budget contributions seems to vary
substantially between regions and climate states (e.g., D’Agostino et al., 2020; Lora, 2018; Lowry
and Morrill, 2019; Wills et al., 2016). This raises the question to what extent the characteristics of105

the different moisture budget terms depend on the spatial structure and strength of the forcing, and
on state-independent properties like the geographical location. More specifically, comparing results
for LGM, midH, and an idealized warm climate state resulting from an abrupt quadrupling of CO2

(4xCO2), we study the following research questions:

1. How does the spatial structure of the forcing influence the large-scale patterns and relative110

importance of moisture budget contributions?

2. Are the global-scale contributions and interrelationships of the moisture budget terms state-
invariant?

3. Which factors control the applicability of the WWDD paradigm across states?

4. For which moisture budget contributions is the LGM a reasonable reverse analog for future115

hydroclimate projections?

We analyze the characteristics of the moisture budget (Sect. 3.1) and thermodynamic scaling (Sect. 3.2)
components with a particular focus on the state-dependency of the patterns and relative importance
of individual components, the closure and rates of decay of moisture budget contributions on large
spatial scales, and the applicability of the WWDD paradigm (Sect. 4). Finally, we discuss the identified120

state-dependent and state-invariant features of P−E changes and make suggestions for future research
(Sect. 5).

2 Data

In this study, we analyze simulated changes in P − E between a base climate (here given by PI
conditions) and three other climate states using CMIP6/PMIP4 simulations with the MPI-ESM model125

version 1.2 (Mauritsen et al., 2019). CMIP and PMIP are standard experimental frameworks in
(paleo)climate research, facilitating the comparability of results from different climate models (Eyring
et al., 2016; Kageyama et al., 2018). Examining simulations with the same model version ensures
that model differences are not responsible for differences between climate states. To explicitly include
transient eddy contributions in our analysis, we require daily output from simulations for the LGM,130

midH, and a high CO2 state.
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Table 1: Boundary conditions in the piControl, LGM, and midH experiments (following Kageyama
et al., 2018). The construction of the employed ice sheet history for the LGM is described in
Argus et al. (2014); Peltier et al. (2015).

piControl LGM midH

Orbital parameters

Eccentricity 0.016764 0.018994 0.018682
Obliquity 23.459° 22.949° 24.105°
Perihelion-180 100.33 114.42 0.87

Greenhouse gases (GHGs)

CO2 (in ppm) 284.3 190 264.4
CH4 (in ppb) 808.2 375 597
N2O (in ppb) 273.0 200 262

Ice sheet topographies PI ICE-6G C PI

MPI-ESM1.2 is a state-of-the-art coupled Earth system model that was developed at the Max-Planck-
Institute for Meteorology in Hamburg. It consists of general circulation models for the atmosphere
(ECHAM6.3) and ocean (MPIOM1.63) which exchange energy, mass, and momentum through the
OASIS coupler. Land surface processes, including vegetation, are simulated by the land surface135

model JSBACH3.20, while ocean biogeochemistry is modeled by the HAMOCC6 module. The model
configuration analyzed here is the low resolution (LR) configuration (atmospheric resolution: T63,
∼200 km; oceanic resolution: ∼150 km). The equilibrium climate sensitivity of this model version is
2.83 K (Mauritsen et al., 2019).
We investigate means over 30 year periods of the r1i1p1f1 ensemble member from the MPI-ESM1.2-140

LR piControl (Wieners et al., 2019a), LGM (Jungclaus et al., 2019a), midH (Jungclaus et al., 2019b)
and abrupt4xCO2 (Wieners et al., 2019b) simulations, respectively. We use the first 30 years from
the PI, LGM, and midH simulations, and the last 30 years from the 4xCO2 simulation. The most
relevant boundary conditions that differentiate the PI, LGM and midH experiments are summarized
in Table 1 (Kageyama et al., 2017; Otto-Bliesner et al., 2017). The 4xCO2 experiment branches from145

the PI simulation: the PI CO2 concentration was immediately and abruptly quadrupled and then
held fixed throughout the simulation, while all other boundary conditions were fixed at PI conditions
(Eyring et al., 2016). Evaluations against paleoclimate proxy data show that the midH and LGM
simulations with MPI-ESM1.2 have comparable performances to other simulations conducted within
the PMIP3 and PMIP4 projects (Brierley et al., 2020; Kageyama et al., 2021).150

3 Methods

We draw on a moisture budget decomposition, which first decomposes P −E changes into mean circu-
lation and transient eddy terms, and then splits the mean circulation component into thermodynamic,
dynamic, and non-linear contributions. Lastly, we estimate the importance of surface temperatures
and relative humidity changes for the thermodynamic contributions by employing a slightly modified155

version of the extended thermodynamic scaling from Byrne and O’Gorman (2015).

3.1 Moisture budget decomposition

In a steady state, in which changes in atmospheric moisture storage are negligibly small, the difference
between precipitation (P ) and evapotranspiration (E), P − E, is balanced by the convergence of the
vertically integrated horizontal moisture flux F (Trenberth and Guillemot, 1995). Thus, the change160

(∆) in P − E between two steady states can be written as

∆(P − E) = −∇ · (∆F). (1)
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where F is defined as

F =
1

g

∫ ps

0
(u · q) dp, (2)

with ps the surface pressure, g the gravitational acceleration, q the specific humidity and u = (u, v)
the horizontal wind vector.
Indicating monthly means with overbars, climatological monthly means with double overbars, de-165

partures of daily means from climatological monthly means with primes and departures of monthly
means from climatological monthly means with hats (following the notation by Lora, 2018), we split
the moisture flux into three components:

F ≈

Fmean︷ ︸︸ ︷
1

g

∫ ps

0

(
u · q

)
dp+

Feddy︷ ︸︸ ︷
1

g

∫ ps

0
(u′ · q′)dp+

Fintvar︷ ︸︸ ︷
1

g

∫ ps

0

(
û · q̂

)
dp . (3)

The respective convergences of changes in these three moisture flux components represent contributions
to ∆(P − E) from changes in the climatological monthly mean u and q (∆MEAN), submonthly170

(transient) eddies (∆SME), and the covariance of monthly mean u and q anomalies (named ∆IntVar
as it relates to inter-annual variability of u and q):

∆(P − E) ≈ ∆MEAN+∆SME+∆IntVar, (4)

∆MEAN = −∇ · 1
g

∫ ps

0
∆
(
u · q

)
dp, (5)

∆SME = −∇ · 1
g

∫ ps

0
∆(u′q′)dp, (6)

∆IntVar = −∇ · 1
g

∫ ps

0
∆
(
û · q̂

)
dp. (7)

Following Seager et al. (2010) and Byrne and O’Gorman (2015), ∆MEAN can be further split into
thermodynamic, dynamic and nonlinear terms, which separate the influence of circulation and specific
humidity changes:175

∆MEAN = ∆MTh +∆MDyn +∆MNL, (8)

∆MTh = −∇ · 1
g

∫ ps

0

(
uPI ·∆q

)
dp, (9)

∆MDyn = −∇ · 1
g

∫ ps

0

(
∆u · qPI

)
dp, (10)

∆MNL = −∇ · 1
g

∫ ps

0

(
∆u ·∆q

)
dp. (11)

In deriving Eq. (3) and (4), we omit daily and monthly fluctuations in surface pressure which are
assumed to contribute very little to climatological P − E changes (Seager and Henderson, 2013).

3.2 Thermodynamic scaling

To further examine the thermodynamic contributions to ∆P − E, we employ the extended thermo-
dynamic scaling introduced by Byrne and O’Gorman (2015). It explains the thermodynamic contri-180

butions to the moisture budget by changes in local temperature and relative humidity as well as their
spatial gradients. Byrne and O’Gorman (2015) assume that Fmean scales with near-surface specific
humidity and that Feddy and Fintvar scale with the gradient in near-surface specific humidity. Substi-
tuting these assumptions into Eq. (1) and decomposing specific humidity changes into relative humidity
and temperature contributions through the Clausius-Clapeyron relationship between saturation water185

vapour pressure and temperature, Byrne and O’Gorman (2015) obtain the following approximation
for the combined thermodynamic contributions ∆Th to ∆MEAN, ∆SME, and ∆IntVar:

∆Th ≈ αPI∆T s · (P − E)PI +
∆RHs

RHsPI

· (P − E)PI −GPI · ∇
(
αPI∆Ts

)
−GPI · ∇

(
∆RHs

RHsPI

)
. (12)
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Here, RHs stands for the near-surface relative humidity, Ts for the near-surface temperature, G for
the modified moisture flux, defined as1

G = Fmean + 2 · (Feddy + Fintvar), (13)

and α for the Clausius-Clapeyron scaling coefficient, defined as190

α =
L

Rv · T 2
s

, (14)

where L is the latent heat of vaporization and sublimation, and Rv the gas constant of water vapour.
Note that the first term of Eq. (12), henceforth referred to as the local temperature term, corresponds to
the simple thermodynamic scaling derived by Held and Soden (2006). Furthermore, we call the second
term of Eq. (12) the local relative humidity term, while the third and fourth terms will respectively
be referred to as the temperature and relative humidity gradient terms. A detailed derivation of the195

four terms is given in Byrne and O’Gorman (2015).
To directly compare the results of the thermodynamic approximation with ∆MTh, we additionally
compute the following version of the extended scaling, which neglects transient eddy contributions to
P − E and its changes:

∆MTh ≈ αPI∆T s ·
(
−∇ · FmeanPI

)
+

∆RHs

RHsPI

·
(
−∇ · FmeanPI

)
− FmeanPI

· ∇
(
αPI∆Ts

)
− FmeanPI

· ∇

(
∆RHs

RHsPI

)
(15)

3.3 Numerical implementation200

We evaluate vertical integrals by first interpolating linearly to a high vertical resolution and extrapo-
lating linearly to ps if ps is higher than the largest available pressure level, before computing midpoint
Riemann sums. If, in a simulation, no data are available for a pressure level (i.e., the pressure level
would be below the surface), we set q = 0 and u = 0 in the computation of the integral. This case is
most relevant in areas where melting ice sheets since the LGM caused increased surface pressure.205

We compute spatial gradients using a second order central finite difference approximation. Only for the
most pole-ward grid boxes, first order forward/backward approximations are used in the meridional
direction. The differentiation is not performed on the native grid of the model. This creates small-
scale numerical artefacts. We reduce them by applying a spatial smoothing with a 3x3 quadratic
kernel to gradient terms. We compute submonthly eddy terms from the archived daily mean values,210

thereby neglecting subdaily co-variability of q and u. All other terms are computed from monthly
mean simulation output due to the availability of data for more vertical levels.
As the numerical implementation is not exact (for a detailed analysis, see Seager and Henderson, 2013),
we denote the sum of the terms on the right hand side of Eq. (4) by ∆(P −E)*. This emphasizes the
difference between ∆(P −E) and its approximate decomposition. The large-scale agreement between215

annual mean ∆(P − E) and ∆(P − E)* is very high (Supplemental Text S2, Fig. S1).

3.4 Spatial correlations between fields

We report the area-weighted Pearson r as a measure for the spatial correlation between two fields.
Confidence intervals are derived from Fisher’s z statistic which depends on the degrees of freedom
in the data. To accommodate for the spatial autocorrelation in the fields, we determine the spatial220

decorrelation length of ∆(P − E) for LGM, 4xCO2, and midH using semi-variograms (Di Cecco and
Gouhier, 2018; Lakhankar et al., 2010; van de Beek et al., 2011). Specifically, we determine the
sill position in semi-variograms for different latitude ranges (Text S3, Fig. S2). Interpreting the sill

1Byrne and O’Gorman (2015) do not separate between Feddy and Fintvar.

7



position as the decorrelation length d∗ of the spatial autocorrelation in P −E, we define the degrees of
freedom as the area of the region of interest divided by the area of a circle with radius d∗

2 . For global225

fields, we obtain on average 104 degrees of freedom. We use the same effective degrees of freedom for
all contributions to the moisture budget.

4 Results

In this section, we first summarize the patterns of P−E changes for the LGM, midH and 4xCO2 states
(Sect. 4.1). Then, we examine the state dependency and state invariance of the patterns and relative230

importance of the moisture budget decomposition terms (Sect. 4.2). We further analyze the rates
of decay of moisture budget terms on large spatial scales and potential global mean compensations
between contributions. Third, we investigate the thermodynamic contributions in more detail using the
thermodynamic scaling (Sect. 4.3). Finally, combining moisture budget and thermodynamic scaling
terms, we test the applicability of the WWDD/DWWD paradigm (Sect. 4.4). We assess the viability235

of the LGM as a cold world analog by comparing all results for LGM and 4xCO2. Throughout this
section, we compare climatological annual mean anomalies of the LGM, 4xCO2, and midH simulations
from the PI simulation unless stated otherwise. We mostly separate analyses of land and ocean areas
due to their differing surface properties.

4.1 Precipitation minus evapotranspiration changes240

The annual mean ∆(P − E) pattern of 4xCO2 displays overall wetting in the inner tropics and mid-
to-high latitudes and drying in the subtropics, with zonally more homogeneous structures over oceans
than over land (Fig. 1). Compared to 4xCO2, the LGM anomalies are zonally less homogeneous in the
Northern Hemisphere (NH) mid-latitudes and hemispherically anti-symmetric in the tropical Pacific.
Therefore, the spatial anticorrelation between LGM and 4xCO2 anomalies is small (r = −0.16±0.162).245

Nevertheless, the LGM and 4xCO2 anomalies feature an opposing sign for 65% of the global area
(termed ’sign opposition’ in the following) and in 45 out of 58 reference regions used in the Sixth
Assessment Report (AR6) of the IPCC WG13 (see Fig. 4 for definition of the regions). P −E changes
for the midH are smaller than for the LGM and 4xCO2. MidH ∆(P −E) magnitudes are highest over
tropical oceans and mostly weak in the extratropics. The largest changes over land are drying over250

northern South America and wetting over south-eastern Asia.
To test the robustness of the diagnosed regional P − E changes with respect to the selected 30 year
intervals, we compare the ∆(P −E) changes with the ones obtained for other 30 year intervals of the
available simulation output (200 years for PI, midH and LGM, 165 years for 4xCO2). Note that the
climate state of the 4xCO2 simulation converges towards a new equilibrium during the simulation, such255

that larger differences are expected than for the other simulations. Therefore, we focus on identifying
regions that display a mismatch in sign of ∆(P − E) for alternative 30 year periods (Fig. S3). For
LGM and 4xCO2, this affects only a few unconnected regions (7 for LGM, 9 for 4xCO2), while 26 out
of 58 AR6 reference regions are concerned for midH due to small P − E changes in the extratropics.
This indicates that for LGM and 4xCO2, the direction of P − E changes is a robust signal for the260

large majority of regions. We additionally note that in all regions with sign changes for alternative 30
year periods, the absolute regional mean anomalies are small (< 0.26 mm/day).
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Figure 1: Mean annual moisture budget changes of LGM (left column), 4xCO2 (middle column) and
midH (right column) from PI. We show (a-c) precipitation minus evaporation (∆P−E), and
(d-f) climatological monthly mean thermodynamic (∆MTh), (g-i) climatological monthly
mean dynamic (∆MDyn), (j-l) climatological monthly mean non-linear (∆MNL), (m-o)
submonthly eddy (∆SME) and (p-r) inter-annual co-variability (∆IntVar) contributions to
the P −E changes. All terms are smoothed using a spatial 3x3 quadratic kernel. Note that
the value ranges differ between states.
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Figure 2: Zonal mean annual mean thermodynamic (∆MTh), dynamic (∆MDyn) and nonlinear
(∆MNL) contributions to ∆MEAN over (a-c) ocean and (d-f) land.

4.2 Moisture budget decomposition

4.2.1 Patterns of dynamic, thermodynamic and nonlinear climatological monthly mean
contributions265

For P − E changes related to the climatological monthly mean flow (∆MEAN), the moisture bud-
get decomposition (Eq. 8) distinguishes thermodynamic (∆MTh), dynamic (∆MDyn) and nonlinear
(∆MNL) contributions (Fig. 1d-l, Fig. 2). Here, we analyze the similarity of signs and patterns be-
tween the three states and the overall consistency of relationships between the three terms across
states.270

Over the ocean, we find zonally homogeneous ∆MTh patterns for the LGM, with drying in the inner
tropics, wetting in the subtropics, and drying in the mid- and high latitudes. These patterns are mostly
reversed for 4xCO2 (r = −0.73 ± 0.11, 78.5% sign opposition), with strongest anticorrelation in the
tropics. In contrast, ∆MTh for the midH tends to be hemispherically anti-symmetric, in line with
the opposing insolation anomalies between NH and SH. Conversely, the dynamic patterns (∆MDyn)275

over the ocean differ strongly between LGM and 4xCO2 (r = 0.07± 0.20, 55% sign opposition), with
hemispherically anti-symmetric patterns for the LGM compared to symmetric patterns for 4xCO2.
For the midH, a dynamic zonal mean drying near the equator is counteracted by zonal mean wetting
in the NH outer tropics, especially in the Pacific. The nonlinear term ∆MNL tends to be much smaller
in magnitude than ∆MTh and ∆MDyn for all three investigated cases. For 4xCO2, ∆MNL displays280

a similar pattern as ∆MDyn (r = 0.90± 0.05), whereas ∆MNL and ∆MDyn tend to counteract each
other for the LGM (r = −0.47 ± 0.17). In contrast, the relation between ∆MNL and ∆MDyn is
strongly regionally dependent for the midH. The strong positive correlation with ∆MDyn for 4xCO2

and negative correlation for the LGM indicates that the dynamic term imprints its pattern onto the
nonlinear term, while the sign of the correlation is determined by the specific humidity changes which285

are mostly positive for 4xCO2 and negative for the LGM.

2Reported uncertainties correspond to 90% confidence intervals unless stated otherwise.
3The IPCC AR6 WG1 defines 58 reference regions based on climatic homogeneity and representation of regional climate
features, including mean temperature and precipitation (Iturbide et al., 2020). We compute area-weighted regional
means for each of the regions.
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Figure 3: Zonal mean annual mean ∆MEAN, ∆SME, and ∆IntVar contributions, and their sum ∆(P−
E)* over (a-c) ocean and (d-f) land.

Over land, P − E changes are generally more regionalized: for the LGM, we find thermodynamic
wetting over ice sheets and drying over northern Eurasia downstream of the Fennoscandian ice sheet.
Meanwhile, extratropical zonal mean changes are stronger for the dynamic term due to large-scale
drying over the LGM ice sheets. For 4xCO2, ∆MTh and ∆MDyn are zonally more homogeneous than290

for the LGM, with wetting over tropical land for both terms and thermodynamic (dynamic) drying
(wetting) at mid-latitudes and thermodynamic (dynamic) wetting (drying) at high latitudes. The
thermodynamic terms of LGM and 4xCO2 are also negatively correlated over land (r = −0.54± 0.26,
78.7% sign opposition), but weaker than over the ocean. Similarly, there is no significant correlation
between the ∆MDyn terms for LGM and 4xCO2 (r = −0.11± 0.32, 60.8% sign opposition). For the295

midH, the strongest changes are dynamic drying in tropical South America and dynamic wetting in
North Africa. The latter is partly compensated by thermodynamic drying. Similar to the results over
oceans, ∆MNL and ∆MDyn strengthen each other over land for 4xCO2 (r = 0.71± 0.20), while they
weaken each other for the LGM (r = −0.64 ± 0.23). This is especially noticeable over the LGM ice
sheets, where ∆MNL of the LGM reaches its highest magnitudes. Taking land and ocean together,300

we find that ∆MTh and ∆MDyn tend to weaken each other for 4xCO2 (r = −0.49± 0.13). There is,
however, no clear relationship between ∆MTh and ∆MDyn for the LGM (r = 0.01±0.16). For midH,
∆MTh and ∆MDyn are negatively correlated over land (r = −0.55± 0.26) but not over oceans.
In summary, we find opposing patterns between LGM and 4xCO2 for ∆MTh, especially over oceans,
but not for ∆MDyn. While there is a consistent relationship between ∆MDyn and ∆MNL for LGM305

and 4xCO2 when taking the opposing signs of thermodynamic changes into account, the relationship
between ∆MTh and ∆MDyn is state-dependent. In general, changes are more regionalized over land,
similar to the overall P − E changes.

4.2.2 Patterns of submonthly eddy and inter-annual co-variability contributions

In addition to climatological monthly mean flow contributions (∆MEAN, Eq. 5), P −E also changes310

due to submonthly eddy (∆SME, Eq. 6), and interannual co-variability contributions (∆IntVar, Eq. 7).
Here, we analyze the relationships between ∆MEAN, ∆SME, and ∆IntVar across states, and the
similarity of ∆SME patterns between the states.
For all three cases, the strongest ∆SME contributions are found in the extratropics (Fig. 1m-o, Fig. 3).
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Table 2: Number of regions with dominant thermodynamic (first row), dynamic (second row), and
non-linear (third row) contribution to ∆MEAN for LGM, 4xCO2, and midH. The last two
columns refer to the number of regions with dominant ∆MTh/∆MDyn/∆MNL contributions
for both, LGM and 4xCO2, and for all three states, respectively.

LGM 4xCO2 midH LGM & 4xCO2 LGM & 4xCO2 & midH

∆MTh 14 26 12 11 2
∆MDyn 22 15 31 12 7
∆MNL 1 2 1 0 0

Over the SH oceans, ∆SME of LGM (4xCO2) causes zonal mean wetting (drying) between 20°S - 40°S315

and drying (wetting) between 40°S - 60°S. In contrast, the patterns over NH oceans differ more
between LGM and 4xCO2 with zonally more tilted bands for the LGM. Over land, ∆SME shows
strongly regionalized features with LGM wetting over the Laurentide ice sheet and 4xCO2 wetting
over Greenland being the most prominent ones. For the midH, ∆SME displays zonally heterogeneous
patterns over the ocean, whereas it contributes to widespread wetting over SH subtropical land regions320

and drying over North Africa.
∆MEAN and ∆SME tend to counteract each other for all three cases with an opposition in sign for
∼67% of the global area and significant anticorrelation for all three scenarios (LGM: r = −0.45± 0.14
, 4xCO2: r = −0.39± 0.15, midH: r = −0.59± 0.12). Comparing ∆SME of the LGM and 4xCO2, we
find opposition in sign for 60% of the ocean area and 68.9% of the land area, but only weak spatial325

anticorrelation (r = −0.23 ± 0.16). ∆IntVar is generally of much smaller magnitude than the other
terms of the moisture budget (Fig. 1p-r, Fig. 3). However, we find that ∆IntVar tends to support
∆SME, as both terms agree in sign for ∼ 62% of the global area for the LGM, 4xCO2, and the midH.
Taken together, we find consistent relationships between ∆MEAN, ∆SME, and ∆IntVar across the
three states. Moreover, there is a weak but statistically significant opposition in the ∆SME patterns330

between LGM and 4xCO2.

4.2.3 Relative importance of moisture budget contributions

We next assess the relative importance of the moisture budget contributions in different regions and
compare them between the three states. For a total of n contribution terms xi, with i = 1, 2, ...n, the
relative importance ci of each term xi for a certain region (in percent) is quantified as follows:335

ci = 100 · |xi|∑n
i=1 |xi|

. (16)

Depending on the sign of xi, we call its relative contribution wet or dry. We define a term as dominant
if its relative regional mean contribution surpasses 50%. This condition can be fulfilled by at most
one contribution per region, which is then also decisive for the sign of the regional mean anomaly. We
compute ci for 56 of the 58 AR6 reference regions, excluding East Antarctica and the Arctic ocean
due to numerical artefacts.340

We first compare the relative importance of the thermodynamic, dynamic and nonlinear contribution
for determining the sign of ∆MEAN (Fig. 4, Table 2). For 4xCO2, we find about twice as many
thermodynamically dominated regions as for the LGM and the midH. Conversely, the LGM and
especially the midH feature more dynamically dominated regions than 4xCO2. Comparing the LGM
and 4xCO2, we particularly detect a tendency towards higher relative importance of ∆MTh and lower345

relative importance of ∆MDyn for 4xCO2 in regions covered by ice sheets during the LGM. Moreover,
regions with the same dominant contribution term in both states are in the minority. Dynamic
dominance prevails over the Pacific, the North Atlantic and nearby regions, while the thermodynamic
term is found to be dominant in vicinity of the Southern and Indian Ocean, as well as over six
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Figure 4: Annual mean ∆MEAN of (a) LGM, (b) 4xCO2, (c) midH with histograms indicating the
wet (in blue) and dry (in red) relative regional mean contributions of ∆MTh, ∆MDyn and
∆MNL to regional mean ∆MEAN (from left to right, given in %). Note that the percentages
are rounded and therefore do not always add up to 100%.
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Figure 5: Spatial standard deviation of contributions to the annual mean moisture budget for different
radii of averaging. Lines correspond to exponential fits of the decay for increasing averaging
scales. ∆IntVar is not shown because of its very small amplitudes.

unconnected land regions. A three-way comparison finally reveals that the dominance of the same350

contribution for all investigated climate states only holds true for a very small number of isolated
regions. In accordance with its predominantly lower amplitude, ∆MNL is dominant in the fewest
number of regions for all climate states.
We further examine the relative importance of climatological monthly mean (∆MEAN), submonthly
eddy (∆SME), and interannual co-variability (∆IntVar) contributions for determining the regional355

mean sign of their sum ∆(P − E)*, which closely approximates ∆(P − E). For all three states,
regional mean ∆MEAN is the dominant contribution for the majority of the 56 investigated regions
(39 for LGM, 36 for 4xCO2, 42 for midH). ∆SME dominates for 14 regions for the LGM and 4xCO2,
and 4 for the midH. Most of these regions are extratropical land regions, but they predominantly
differ between states. While 20 regions feature dominant ∆MEAN for all three states, no region is360

dominated by ∆SME for all three states. As expected from its mostly negligible contribution, ∆IntVar
is dominant in none of the regions for LGM and 4xCO2 and only three regions for midH.
In summary, we find strong differences in the relative importance of ∆MTh, MDyn, and ∆MNL
between the three states. In contrast, the large-scale importance of ∆MEAN, ∆SME, and ∆IntVar is
fairly consistent between states, despite differences in the specific regions where ∆SME dominates.365

4.2.4 Closure and decay of moisture budget contributions on large spatial scales

Because P −E and therefore ∆(P −E) vanish in the global mean due to the closure of the moisture
budget, the moisture budget terms have to compensate each other in the global mean. To quantify
the extent of this compensation, we compute the global means of the moisture budget decomposition
terms ∆MEAN, ∆MTh, ∆MDyn, ∆MNL, ∆SME, and ∆IntVar. We find that all six terms vanish370

in the global mean for all three states (Table S1). This means that no compensation of the terms is
required on the global-scale to close the P − E budget.
We additionally examine the rates of decay of the contributions towards zero for larger spatial scales.
To this purpose, we average the terms over circles with increasing radii centered at each grid point
and compute the spatial variability of the smoothed fields. We find a steady variability decrease for375

all moisture budget terms towards larger smoothing scales (Fig. 5). This is expected as the spatial
variability is zero for radii including the whole Earth. However, we also find remarkably similar rates
of decay: for all components of the moisture budget and all three climate states, the decrease follows
an exponential function with a rate of decay between 0.47 and 0.73 [10−3km−1] (Table S1). These
values are similar to the rate of decay for absolute P − E in the four simulations (between 0.36 and380

0.43 [10−3km−1]).
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Figure 6: (a-c) Annual mean extended thermodynamic scaling and contributions from (d-f) the local
temperature term, (h-i) the local relative humidity term, (j-l) the temperature gradient term,
and (m-o) the relative humidity gradient term for the LGM (left column), 4xCO2 (central
column), and the midH (right column).
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Figure 7: Zonal mean annual mean extended scaling and contributions from the local temperature
term, the local relative humidity term, the temperature gradient term, and the relative
humidity gradient term for the LGM, 4xCO2, and the midH over (a-c) ocean and (d-f) land.
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Figure 8: (a) Spatial means of extended scaling terms for LGM and 4xCO2 over the indicated areas. (b)
Spatial correlation between annual mean extended scaling terms for LGM and 4xCO2 over
the indicated areas. (c) Spatial correlation between annual mean −GPI ·∇(∆RHs

RHs PI
) (relative

humidity gradient term) and annual mean −GPI ·∇(αPI ·∆Ts) (temperature gradient term)
for LGM, 4xCO2, and midH over the indicated areas. Estimates for the tropics include all
grid boxes between 30°S and 30°N, whereas all other grid boxes are included in estimates for
the extratropics (abbrev.: NHext, SHext). Error bars indicate the 90% confidence intervals
of spatial correlations.
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4.3 Patterns and relative importance of thermodynamic scaling terms

We apply the extended thermodynamic scaling (Eq. 12) introduced by Byrne and O’Gorman (2015)
to analyze the drivers of the thermodynamic contributions ∆Th in more detail (Fig. 6, Fig. 7). Here,
we first evaluate the accuracy of the thermodynamic scaling by comparing Eq. (15) with the mean385

flow component ∆MTh. The sign of the thermodynamic scaling agrees mostly with ∆MTh. However,
its amplitudes tend to be overestimated, especially near the LGM ice sheets and over North Africa
for the midH (Fig. S4). Regions of overestimated drying and wetting are often located at similar
latitudes which leads to substantial compensation effects in the zonal mean. Keeping this in mind,
we place our emphasis in the following on the state-dependency of relative importance, sign changes,390

and zonal mean changes of the individual contributions to the thermodynamic scaling, as well as the
relationships between them.
Over oceans, the local temperature term displays a zonally homogeneous pattern which follows the
P − E patterns for PI. For the LGM (4xCO2), this causes drying (wetting) in the inner tropics,
wetting (drying) in the subtropics, and drying (wetting) in the mid- to high latitudes. Over land, the395

contributions of the local temperature terms are almost exclusively drying for the LGM and wetting
for 4xCO2. The most pronounced feature of the midH local temperature term is subtropical wetting
over oceans (Fig. 6f). The patterns of the temperature and relative humidity gradient terms are
more regionalized than for the local temperature term. The influence of the temperature gradient
term is especially pronounced in areas covered by ice sheets during the LGM but not today. Due to400

the westerly flow, the strongly increased temperature gradients at ice sheet edges lead to a wetting
along their western and a drying near their eastern edges. The relative humidity gradient term shows
patterns with strong local dipoles of wetting and drying. For the midH and 4xCO2, it reaches highest
magnitudes over tropical land regions, especially drylands, while for the LGM, it shows especially
high magnitudes at the transitions to the Patagonian and Laurentide ice sheets. The local relative405

humidity term is predominantly negligible.
The local temperature term is the only contribution to the extended thermodynamic scaling with
strong spatial anticorrelation between the LGM and 4xCO2 across all latitudes (Fig. 8b). The tem-
perature gradient term is significantly anticorrelated only in the NH extratropics and when considering
the whole globe, whereas neither the local relative humidity term nor the relative humidity gradient410
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term are significantly correlated. This is in concordance with their highly regionalized drying and
wetting patterns. Additionally, the temperature gradient and the relative humidity gradient terms are
anticorrelated for all three climate states (Fig. 8c). The anticorrelation is strongest in the tropics and
weakens especially in the NH extratropics for the LGM. In contrast, no consistent anticorrelation is
detected between the local temperature and local relative humidity terms.415

Analyzing the importance of the different components in the thermodynamic scaling by computing the
relative contribution of each term for each grid box (following Eq. 16), we detect striking similarities
between all three states (Fig. 9). The local temperature term is prevalent over the tropics and high
latitudes and particularly over oceans in these regions. The temperature gradient term on the other
hand dominates in the mid-latitudes, while the relative humidity gradient term is most important420

in arid subtropical land areas. Thus, unlike for the contributing terms to the moisture budget, the
importance of the terms in the thermodynamic scaling is largely consistent across the three states.
Another difference between the thermodynamic scaling terms and the moisture budget contributions
is that not all of the individual terms of the extended scaling vanish in the global mean (Fig. 8a). The
local temperature temperature term provides drying (wetting) for LGM (4xCO2) which is balanced by425

wetting (drying) from the temperature gradient term. In contrast, the global averages of the relative
humidity terms are close to zero. The spatial means of the local temperature and the temperature
gradient terms for the LGM and 4xCO2 oppose each other in the NH and SH extratropics but not in
the tropics.
In summary, we find that the local temperature term is the only term with a strong anticorrelation430

between 4xCO2 and LGM, whereas the temperature gradient and the relative humidity gradient terms
are the only consistently anticorrelated terms for all three climate states. Unlike for the terms in the
moisture budget decomposition, the patterns of relative importance of the thermodynamic scaling
terms are very similar between states and the terms do not vanish in the global mean but compensate
each other.435

4.4 Testing the wet-get-wetter-dry-get-dryer (WWDD) paradigm

The WWDD paradigm is often postulated as a first order approximation of P − E changes under
global warming. For global cooling, it corresponds to a dry-get-wetter-wet-get-dryer (DWWD) pat-
tern. While the limitations of the WWDD paradigm for land areas are well-established (e.g., Byrne
and O’Gorman, 2015), we focus on determining the predictive power of the paradigm depending on440

the location and relative importance of the individual moisture budget and thermodynamic scaling
contributions. As the midH does not feature a consistent global warming or cooling pattern, we focus
here on the LGM and 4xCO2. By comparing the sum of all moisture budget decomposition contribu-
tions, ∆(P − E)*, with P − E in the PI, we identify 35 out of 56 AR6 reference regions that fulfill
WWDD for 4xCO2 and 36 regions that fulfill DWWD for the LGM. For 29 regions, both, WWDD for445

4xCO2 and DWWD for the LGM, hold true. We test the statistical significance of these numbers with
randomized experiments, in which we randomly assign positive (wetting) and negative (drying) signs
to the 56 regions. Then, we compare the results with the sign of P −E (positive=wet, negative=dry)
in the PI for the respective regions and count the number of regions for which WWDD, DWWD, or
both is fulfilled. We repeat each experiment 10,000 times to obtain robust test statistics. The tests450

demonstrate that the occurrence of WWDD (DWWD) for at least 35 (36) regions (p < 0.05), as well
as WWDD and DWWD for at least 29 regions (p < 0.01) purely by chance is very unlikely (Fig. S5
a-c).
Next, we test if WWDD (DWWD) for 4xCO2 (LGM) is preferably true for regions with dominant ther-
modynamic contributions, as the paradigm itself is deduced from the simple thermodynamic scaling.455

By exclusively comparing ∆MEAN and (P −E)mean(PI), we find that WWDD for 4xCO2 holds true
for 35 regions, including 24 of 26 ∆MTh dominated regions and 7 of 15 ∆MDyn dominated regions.
For the LGM, DWWD is found for 37 regions, among them 13 of 14 ∆MTh dominated regions and
13 of 22 ∆MDyn dominated regions. We repeat our statistical experiments for the ∆MTh dominated
regions, this time comparing the randomly assigned wetting and drying to the sign of (P −E)mean of460

PI (Fig. S5 d-i). This shows that finding at least as many regions that adhere to the WWDD paradigm
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by chance is highly unlikely (p < 0.01 in all cases). In contrast, the fraction of ∆MDyn-dominated
regions, which fulfill WWDD for 4xCO2 or DWWD for the LGM, is not statistically significant. Thus,
we conclude that there is indeed a robust preference for thermodynamic dominated regions to obey
the WWDD (DWWD) paradigm.465

Finally, we test the importance of the thermodynamic scaling components for the WWDD paradigm in
regions with thermodynamic domination. As the thermodynamic domination by ∆MTh only considers
the mean flow and neglects transient eddies, we restrict the analysis to the mean flow component of
the thermodynamic scaling (Eq. 15). As expected from the derivation of the WWDD paradigm, all
thermodynamically dominated regions, for which the local temperature term has a dominant influence470

in the thermodynamic scaling, obey WWDD for 4xCO2 and DWWD for the LGM. Taking a closer
look at the ∆MTh dominated regions without a decisive contribution by the local temperature term,
we find that 15 of 17 still obey WWDD for 4xCO2 and 6 of 7 still obey DWWD for the LGM. Thus,
having a dominant thermodynamic contribution seems to be a very good indicator for adhering to the
WWDD paradigm even if there is no dominant contribution by the local temperature term.475

Beyond analyzing the signs of P − E changes, we compare the amplitudes of P − E during PI and
∆(P − E). For better comparability, we rescale ∆(P − E) by the local temperature change and the
Clausius-Clapeyron scaling coefficient α. When we consider all regions or just the regions without
dominant thermodynamic contribution to ∆MEAN, P −E during PI has very little predictive power
for LGM and 4xCO2 changes as quantified by the explained variance r2 (Fig. 10). In contrast, we find480

higher r2 values for regions with dominant thermodynamic contributions to ∆MEAN, in particular for
4xCO2. On average, ∆(P −E) follows the simple scaling in these regions as indicated by slopes close
to 1 in Fig. 10c,d. This suggests that the sign in thermodynamically dominated regions is primarily
determined by the local temperature term, whereas the sum of all other contributions leads to random
deviations from the simple thermodynamic scaling relationship which, in most cases, do not change485

the sign of ∆(P − E).

5 Discussion

Our results show a strong state dependency of the patterns and varying importance of the moisture
budget contributions. However, we also detect robust relationships across states such as the proportion
of mean flow versus transient eddy contributions, the relative importance of the thermodynamic scaling490

terms, the strong adherence to the WWDD paradigm for thermodynamically dominated regions, and
the closed global budgets for the individual moisture budget contributions.
In the following, we first discuss whether and how the spatial structure of the radiative forcing could
explain the state dependency of moisture budget contributions. Then, we deduce limitations for the
LGM as a cold world analog for future hydroclimate changes. Finally, we suggest potential mechanisms495

that could explain the state invariant relationships found in our analysis.

5.1 Dependence of moisture budget contributions on spatial structure of the forcings

We find substantial differences in the patterns and relative importance of the moisture budget con-
tributions for the three climate states. In particular, dynamic changes are the most relevant for the
midH and the least important for 4xCO2, the correlation of LGM and 4xCO2 ∆MDyn patterns is500

insignificant, and the dynamic and thermodynamic changes oppose each other for 4xCO2 and for the
midH over land, but not the LGM and the midH over oceans (Sect. 4.2). We attribute the diagnosed
differences between the states mainly to the different spatial and potentially seasonal structure of
the boundary condition changes, in accordance with previous studies (e.g., D’Agostino et al., 2019,
2020; Lora, 2018; Lowry and Morrill, 2019; McGee, 2020). For 4xCO2, only CO2 concentrations are505

changed, while the biggest contributions to the LGM forcing come from GHG and ice sheet changes,
and the midH differs from the PI mostly by an altered orbital parameter configuration.
Our results suggest that the spatially homogeneous GHG forcing leads to zonally homogeneous and
hemispherically symmetric changes. In the analyzed 4xCO2 simulation, the symmetric structure in
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Figure 10: (a) Comparison of regional mean annual mean P−E during PI with LGM and 4xCO2 ∆(P−
E)*, rescaled by the local temperature change and α. The rescaling makes regions with
different magnitudes of temperature changes comparable. (b) Same as (a) but restricted
to regions without dominant thermodynamic contributions to ∆MEAN. (c-d) Same as (b)
but for regions with dominant thermodynamic contribution to ∆MEAN for (c) the LGM
and (d) 4xCO2. The strength of the linear relationship between P − E(PI) and rescaled
∆(P −E)*, quantified by the squared correlation r2, is given in the top right of each panel.
In (c) and (d), we also show the slopes of a linear fit. The simple scaling alone would lead
to a perfect 1-to-1 relationship. Note that we removed two outlier regions for the LGM that
resulted from dividing by very small temperature changes (South Australia with dominant
thermodynamic and South Asia with dominant dynamic contribution to ∆MEAN).
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the inner tropics originates from a combination of thermodynamic changes, which accentuate the PI510

pattern, and dynamic changes, perhaps driven by differences in the spatial structure of mass flux
convergence (Chadwick et al., 2013). Moreover, the homogeneous structure of GHG forcing results
in smaller contributions from circulation than specific humidity changes such that the number of
thermodynamically dominated regions is almost twice as high as the amount of dynamically dominated
regions (Sect. 4.2). In contrast, the dynamically dominated regions outnumber the thermodynamically515

dominated regions for the LGM. We attribute this difference to the stronger effects of ice sheet forcing
on circulation. While the ice sheet forcing leads to major changes in specific humidity at the locations
of the Laurentide, Fennoscandian, and Patagonian ice sheets, it has global impacts on the circulation,
which tend to be zonally inhomogeneous and hemispherically asymmetric.
The higher importance of the dynamic term for the midH than for the LGM and 4xCO2 is likely due to520

the relatively small changes in GHG forcing compared to orbital forcing. The latter is hemispherically
asymmetric and varies seasonally. This manifests in major circulation changes in the tropics and
subtropics but relatively minor changes in the extratropics. A zonally more homogeneous structure of
the dynamic term in the midH compared to the LGM can be attributed to the zonal homogeneity of
orbital forcing. The deduced spatial structures of P − E changes due to GHG, ice sheet, and orbital525

forcing in the MPI-ESM simulations are mostly in agreement with LGM sensitivity experiments by
Shi et al. (2023). Our analysis does not quantify to what extent local forcing effects, atmospheric
teleconnections, and feedback processes such as cloud and climate-vegetation feedbacks contribute to
the different moisture budget terms. Sensitivity simulations to isolate the impacts of specific processes
could provide further insights into the local and remote influences of the different forcings.530

Our results have implications for the LGM as a potential hydroclimate cold world analog to a warm
future (Quade and Broecker, 2009). Previous studies showed that on the global scale and for zonal
means, WWDD tends to be satisfied under future emission scenarios (e.g., Chou et al., 2009; Held
and Soden, 2006; Polson et al., 2013; Roderick et al., 2014). Additionally, multi-model mean analyses
for the LGM found zonal mean drying over the tropics and high latitudes, and zonal mean wetting535

over the mid-latitudes (e.g., Boos, 2012; Rehfeld et al., 2020), which indicates a reverse pattern to the
future scenarios. In our analysis, only the thermodynamic term is subject to a strong anticorrelation
between LGM and 4xCO2, and the locations with dominant thermodynamic contributions vary sub-
stantially between LGM and 4xCO2 (Sect. 4.2). The regionally-dependent applicability of the LGM
as a cold world analog in our study is in agreement with a model-data comparison study for North and540

South America by Lowry and Morrill (2019) and a multi-model study by Boos (2012), who found a
limited applicability of thermodynamic scalings for the LGM. Both of these studies argue in particular
with the importance of dynamic processes for the LGM and also the role of the LGM ice sheets on
thermodynamically driven changes. Similar to the suggested limitations in transferring model skill
for the LGM to projected future P −E changes, our results indicate that accurate modeling of midH545

P −E does not directly transfer to future projections due to the varying importance of dynamic and
thermodynamic contributions.

5.2 State-invariant relationships between contributions

Despite the strong state dependency of moisture budget contributions, we find robust relationships
among and between contributions across states. We tentatively attribute these to two reasons. On550

the one hand, local processes, which are barely affected by the changing boundary conditions, could
control the relationship. On the other hand, they could result from a strong influence from bound-
ary conditions which undergo only minor changes, such as land-sea masks and meridional insolation
gradients. For example, there is a consistent anticorrelation between the temperature and relative
humidity gradient terms in the thermodynamic scaling across all three states (Sect. 4.3). We propose555

that this anticorrelation is related to localized climate change, particularly over land where gradients
are largest. For example, precipitation, evaporation, and relative humidity tend to increase over the
same land areas, particularly for the LGM and midH (not shown). In turn, this can cool the surface
through increased cloud cover and latent heat fluxes.
Unlike the thermodynamic and dynamic contributions to the moisture budget, the relative importance560
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patterns of the thermodynamic scaling terms vary little between states. While the local temperature
term has a higher relative importance over ocean than land, the spatial gradient terms, especially that
of relative humidity, are consistently more important over land than ocean (Sect. 4.3). We attribute
this to the heterogeneous water supply from land surfaces that leads to a more regionalized relative
humidity response to global warming over land than ocean. Furthermore, the areas with the strongest565

temperature and relative humidity gradient contributions are also the areas with the largest absolute
gradients for PI, subtropical land areas for relative humidity, and the mid-latitudes for temperature.
The position of these areas is mainly controlled by the global atmospheric circulation, which is strongly
constrained by boundary conditions that change only little between the three considered states, such
as meridional insolation gradients, land-sea masks, and topography.570

While our results support previous evidence for a limited applicability of the WWDD paradigm on the
regional scale (e.g., Byrne and O’Gorman, 2015; Chadwick et al., 2013; Greve et al., 2014; Li et al.,
2021), we find a highly predictive precondition for WWDD to hold, independent of the state and
whether a region is covered by land or ocean. Namely, we show that thermodynamically dominated
regions are highly likely to obey WWDD for 4xCO2 and DWWD for the LGM, while dynamically575

dominated regions adhere to the WWDD paradigm roughly as often as expected by chance (Sect. 4.4).
Thus, the global-scale applicability of the paradigm depends on the importance of thermodynamic
contributions. This implies in particular a better applicability of the paradigm for future scenarios than
for paleoclimate states. Further investigation of the different thermodynamic contributions reveals that
a dominant influence of the local temperature term, which was used to derive the WWDD paradigm580

(Held and Soden, 2006), is not a decisive condition for WWDD to hold. We are not aware of general
mechanisms that explain why terms in the thermodynamic scaling besides the local temperature
term would favor P − E changes following the WWDD concept. This suggests that at least in
regions with a dominant thermodynamic contribution but without a dominant local temperature term,
compensating effects between the other moisture budget contributions appear relevant. Specifically,585

the sum of all other contributions tend to not switch the sign of P − E changes prescribed by the
simple thermodynamic scaling in these regions.
Finally, the individual moisture budget terms do not only all vanish in the global mean, but they
also converge towards a closed budget with similar rates of decay (Sect. 4.2). This result extends
the large-scale constraint for ∆(P − E) demonstrated by Dagan et al. (2019). The similarity of the590

rates of decay despite strongly varying radiative forcing patterns suggests that the decay is mainly
governed by physical processes that are independent of the specific forcing. In particular, the strength
and spatial patterns of the forcing seem to determine the total spatial variability of moisture budget
contributions but not the decay towards a closed budget. Dependencies between local temperature
changes, temperature gradient changes, and circulation changes driven by the changing local energy595

budget seem to lead to a similar spatial scale of thermodynamic and dynamic processes. Testing
the general applicability of the rates of decay, derived here for MPI-ESM simulations, requires a
comparison with other models and reanalysis data. This can facilitate the exploitation of our results
for deriving large-scale tendencies, which could complement existing theoretical constraints for the
hydrological cycle (e.g., Allen and Ingram, 2002; Dagan and Stier, 2020; Muller and O’Gorman, 2011;600

O’Gorman et al., 2012).

6 Conclusions

In this study, we examine the state dependency of thermodynamic, dynamic, and transient eddy
contributions to effective precipitation (P − E) changes for the Last Glacial Maximum (LGM), the
mid-Holocene (midH), and abrupt quadrupling of CO2 concentrations (4xCO2) using CMIP6/PMIP4605

simulations from MPI-ESM1.2-LR. We find a strong influence of the spatial structure of the radiative
forcing on the regional and global importance of thermodynamic compared to dynamic contributions
to P − E changes, and the patterns associated with the dynamic contributions. In contrast, the
importance of mean flow compared to transient eddy contributions is relatively consistent across
states.610
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We attribute hemispherically more asymmetric and zonally more heterogeneous dynamic contributions
for the LGM compared to 4xCO2 to the global-scale influence of the LGM ice sheet forcing on the
atmospheric circulation. The additionally much larger importance of dynamic contributions for the
LGM and midH compared to 4xCO2 limits the transferability of results on hydroclimate changes
during these periods to scenarios for the next centuries. This is because the latter are dominated by615

changes in greenhouse gas concentrations which favor thermodynamically driven P − E changes.
However, we also find consistent relationships across climate states. The wet-get-wetter-dry-get-drier
(WWDD) paradigm holds for almost all regions dominated by thermodynamic contributions, indepen-
dent of whether a region is covered by land or ocean and of the importance of the local temperature
term, for which the paradigm holds by definition. However for regions dominated by dynamic contri-620

butions, WWDD patterns do not occur more often than expected by chance. Additionally, the spatial
patterns of the importance of the thermodynamic scaling terms are consistent across states, with the
highest importance of the local temperature term in the tropics and high latitudes, the temperature
gradient term in the mid-latitudes, and the relative humidity gradient term in land areas with low
precipitation amounts. We attribute this to the dominating role of stable features across states such625

as meridional insolation gradients and land-sea masks.
Finally, we find that the individual contributions to the moisture budget vanish in the global mean.
Moreover, their spatial variability decays with similar rates for increasing spatial scales. In contrast,
the terms of the thermodynamic scaling do not vanish in the global mean. This means that compen-
sating effects between local and spatial gradient terms are needed to close the global moisture budget,630

but not the interaction between thermodynamic and dynamic changes. Our study focuses on one
model to ensure that differences between states are indeed the result of boundary condition changes
and not of different model configurations. We encourage testing the robustness of our results for more
models and climate states in future research, in particular past warm climates (e.g., Burls et al., 2021;
Haywood et al., 2020).635
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C., Berger, S., Caud, N., Chen, Y., Goldfarb, L., Gomis, M. I., Huang, M., Leitzell, K., Lonno,
E., Matthews, J. B. R., Maycock, T. K., Waterfield, T., Yelekçi, O., Yu, R., and Zhou, B., pp.725
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Supplement

S1 Introduction

This supplement contains additional plots and tables related to915

• the comparison of ∆(P − E)* with ∆(P − E),

• the estimation of effective degrees of freedom for spatial correlations,

• the robustness of regional mean ∆(P − E) signs,

• the large-scale decay of spatial standard deviations of moisture budget changes,

• the comparison of ∆MTh with the mean circulation part of the thermodynamic scaling,920

• and the statistical significance of WWDD / DWWD occurrence.

S2 Comparison of ∆(P − E)* with ∆(P − E) of the simulation

To investigate the limits of the applied moisture budget decomposition, we compare climatological
annual mean ∆(P −E), calculated by directly subtracting the precipitation and evaporation variables,
to climatological annual mean ∆(P − E)*, the sum of all moisture budget decomposition terms. We925

observe a generally good agreement in both, magnitudes and patterns, between the two terms, but
notice some sign disagreements, preferably occurring in regions of particularly low ∆(P − E) and
at high polar latitudes (Fig. S1). Excluding the outermost latitudes that are affected by numerical
artefacts from the spatial gradient computation near the poles and applying a 3x3 kernel window
smoothing to ∆(P −E), the area of sign agreement for all three investigated cases is at ∼ 85% of the930

global area. Applying the smoothing is justified by our interest in the large-scale properties of the
moisture budget decomposition terms.
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Figure S1: Annual mean ∆(P−E)* for (a) the LGM, (b) 4xCO2, and (c) the midH. Stippling indicates
sign agreement with smoothed ∆(P − E) as shown in Fig. 1a-c of the main manuscript.

S3 Semi-variograms for effective degrees of freedom estimation

Fig. S2 shows estimated semi-variograms for the tropics, Northern Hemisphere mid-latitudes, and
Southern Hemisphere mid-latitudes. The sill positions in these semi-variograms are used to determine935

the effective degrees of freedom in our calculation of the confidence intervals for the spatial correlations.
The sill position is harder to identify over large regions with high spatial homogeneity (e.g., over the
Southern and Arctic Ocean). Therefore, we decided to exclude the high latitude ranges and instead
use d∗ obtained for the mid-latitudes to estimate the degrees of freedom for the whole extratropics.
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b)Variogram of (P E) (32.64°N to 60.62°N)
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c) Variogram of (P E) (-60.62°N to -32.64°N)

Figure S2: Semi-variograms of annual mean ∆(P − E) for different latitude ranges, (a) tropics, (b)
Northern Hemisphere mid-latitudes, and (c) Southern Hemisphere mid-latitudes. The iden-
tified sill positions are marked by vertical lines. The midH values are not shown because
of their very small amplitudes.

S4 Robustness of regional ∆(P − E) signs for the simulation outputs940

To test the robustness of the ∆(P −E) signs, we test for which regions the signs vary when different
30 year intervals are selected in the respective simulations. Regions with changing signs are shown in
Fig. S3 for each of the three states.
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Figure S3: AR6 reference regions that see sign changes in regional mean ∆(P − E) compared to the
alternative 30 year periods (indicated by ”x” stippling) for (a) the LGM, (b) 4xCO2, and
(c) the midH.

S5 Large-scale decay of spatial standard deviations of moisture budget
changes945

Here, we provide the estimated global means and exponential decay rates for the six moisture budget
terms ∆MTh, ∆MDyn, ∆MNL, ∆MEAN, ∆SME, and ∆IntV ar in each of the three states (Table
S1).

Table S1: Global means in [mm/day] and exponential decay rates λ in [10−3km−1].

∆MTh ∆MDyn ∆MNL ∆MEAN ∆SME ∆IntV ar

Global means [mm day−1]:

LGM 0.003 0.003 -0.004 0.002 0.02 0.003
4xCO2 -0.004 -0.001 -0.005 -0.009 -0.03 -0.002
midH 0.002 -0.001 -0.002 -0.002 0.004 0.001

Decay rates [10−3km−1]:

LGM 0.52± 0.01 0.59± 0.04 0.54± 0.04 0.60± 0.05 0.63± 0.03 0.68± 0.04
4xCO2 0.47± 0.02 0.64± 0.02 0.61± 0.04 0.53± 0.01 0.61± 0.05 0.68± 0.05
midH 0.63± 0.03 0.66± 0.03 0.73± 0.05 0.64± 0.02 0.71± 0.04 0.64± 0.07
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S6 Comparing ∆MTh with the mean circulation part of the
thermodynamic scaling950

To examine the accuracy of the thermodynamic scaling in reproducing thermodynamic contributions
to the moisture budget, we compare ∆MTh with a version of the thermodynamic scaling in which
only the mean flow components are included (see Eq. 15 of the main manuscript). The results are
shown in Fig. S4. Note, that we cannot directly evaluate the accuracy of the estimated thermodynamic
contributions to submonthly eddy and interannual covariability driven P − E changes, because these955

terms are not decomposed into thermodynamic, dynamic, and non-linear contributions in the moisture
budget decomposition.
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Figure S4: Annual mean extended thermodynamic scaling using only Fmean contributions (see Eq. 15
in the main manuscript) for (a) LGM, (b) 4xCO2 and (c) midH. Stippling indicates sign
agreement with ∆MTh.

S7 Statistical significance of WWDD / DWWD occurrence

Fig. S5 shows the results of the randomized experiments to test the statistical significance of the
number of regions for which WWDD for 4xCO2 or/and DWWD for LGM hold.960
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Figure S5: Results of the randomized experiments to test the statistical significance of the WWDD /
DWWD occurrences, visualized as empirical probability distributions. Red lines indicate
the number of regions that fulfilled the respective condition when directly comparing the
PI, LGM and 4xCO2 states.
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